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Abstract
Despite recent advancements in neural machine interpreting, limited research has assessed
its performance as compared to human simultaneous interpreting, particularly in the
English-Russian language pair. Addressing this gap, the present study investigates the
quality of machine interpreting by Yandex as compared to professional human
simultaneous interpreting. The research aims to identify the strengths and weaknesses of
machine interpreting outputs and reveal typical errors through a convergent mixed-
methods design. Utilizing a quality assessment methodology, the study integrates
quantitative scoring to measure the performance and qualitative feedback to reveal
particular mistakes. Thus, a quality assessment scale consisting of score-based and
feedback components was adapted to evaluate six audio fragments interpreted by both
professional human interpreters and Yandex neural networks. Five expert assessors were
sampled to ensure objective evaluation of the interpretations. Quantitative results indicated
that human interpreters outscored machine interpreting in terms of logical cohesion,
terminology, and style. In contrast, Yandex scored higher than humans in completeness
and fluency of delivery, successfully handling strong regional accents and high speed of
delivery. Qualitative analysis identified that while machine interpreting demonstrated no
cognitive limitations typical for human interpreters, it resulted in lexical and grammatical
redundance, producing overloaded sentences difficult for comprehension. Yandex also
misinterpreted numbers, leading to significant meaning distortions. Unnatural delivery,
marked by a robotic, monotonous voice and lack of prosody further diminished the output
quality. Additionally, machine interpreting struggled with context recognition, resulting in
inaccurate word choices and terminological inconsistencies. This study concludes that
while machine interpreting cannot yet fully replicate human expertise, it holds potential as

supportive technologies — particularly in assisting human interpreters or offering cost-



effective solutions for low-stakes communicative events. Large-scale empirical studies
should be conducted in the future to evaluate professional-grade machine interpreting tools
in real-time conditions and to consider user perceptions.

Key words: artificial intelligence, machine interpreting, simultaneous interpreting,

quality assessment.



AHHOTANUA
HecmoTtps Ha HejaBHHME AOCTIOKEHHS B 001aCTH HEUPOHHOT'O MAIIMHHOTO YCTHOTO
nepeBo/ia, Majo MCCIeI0BaHUN TOCBAIICHO OIEHKE ero 3(p(GeKTUBHOCTH IO CPaBHEHHIO C
CHHXPOHHBIM IIEPEBOJIOM YEJIOBEKa, OCOOCHHO B Mape aHTIMHCKUIA-PYCCKUMA. Y CTpaHss
JAHHBIA TPO0OET, B HACTOSIIEM HCCIIEIOBAHUN PACCMAaTPUBAETCSI KAY€CTBO MAIIMHHOTO
YCTHOTO TNepeBoia SIHaeKca o CpaBHEHUIO ¢ MPOPECCHOHATEHBIM CHHXPOHHBIM
[IEPEBOIOM YesoBeKa. Llens uccie1oBanus — ONpeaenuThb JOCTOMHCTBA U HEAOCTATKU
MAaIIMHHOTO YCTHOTO MIEPEBO/Ia U BBISIBUTH TUIIMYHBIE OIIUOKH, UCTIOIB3Y S
KOHBEPI'EHTHBIN CMEIIAHHBIA METO UCCIIeJ0BaHUN. [IpUMEHsI1 METO0JIOTHIO OLICHKU
Ka4yecTBa, UCCIIEJOBAHNE O0bEAMHACT KOJTMUECTBEHHYIO OLEHKY Il H3MEPEHUs
3¢ (EKTUBHOCTH U KAUECTBEHHYIO OOPATHYIO CBS3b ISl BBIABICHHUSI KOHKPETHBIX OMIMOOK.
JUJist OLIeHKH IIECTH ayIuo(parMeHToB, IepeBeIeHHBIX Kak MPOo(peCCHOHATbHBIMU
nepeBoIYMKaMHU, TaK U HelpoceTsimu SIHeKkca, OblIa aganTUpoBaHa MIKajla OLEHKU
Ka4ecTBa, COCTOSAIIAs U3 OANIbHOW CHCTEMBI OLIEHKU M OT/IEIBHOTO KOMIIOHEHTA IS
oOpartHo# cBs3u. /[ 00BEKTUBHOM OIIEHKH MEPEBOIOB OB OTOOPAHBI MATH SKCIEPTOB.
KonunuecTBeHHBIE pe3yIbTaThl I0KA3aId, YTO NEPEBOJUUKH IPEB30LUIA MAIIMHHBIN
IIEPEBO/I T10 JIOTMYECKON CBA3HOCTH, TEPMUHOJIOTUH U ¢TI0, O1HAaKO SIHAEKC IpeB3o1e
10 MOJTHOTE U OETJIOCTH NMEPEeBO/Ia, YCIEIIHO CIPABIISISICh CO CII0KHBIMHU PETHOHAIBHBIMU
AKIIEHTaMH U BBICOKOW CKOpOCThI0. KauecTBeHHBIN aHaNN3 1MOKa3aj, YTO, XOTS MAIlIMHHBIN
[IEpPEBO/]] HE UMEET KOTHUTUBHBIX OTPaHUUYEHUM, XapaKTEPHBIX AJI IEPEBOJYUKOB, ITO
IPUBOJUT K JIEKCUUECKON M IPaMMaTH4YECKOW HarpOMOKAECHHOCTH, YCIIOXKHSISI IOHUMaHHUE
CJIOXHBIX NPEAJIOKEHUH. SIHAEKC TaKKe HENMPABWIBHO IEPEBEN YUCIIA, UCKaXkasi CMBICII.
HeecrecTBeHHas nmojgaya B clieACTBUU pOOOTU3UPOBAHHOTO, MOHOTOHHOT'O I'0JI0CA U
OTCYTCTBHS CMBICIIOBBIX yIapeHHH yXyAlliana KauecTBo nepesoaa. Kpome toro,

MAaIlIMHHBIN NEpeBOJ 3aTPYAHAJICA C paClIO3HABAHUECM KOHTCKCTA, YTO ITPUBOAUIIO K



HETOYHOMY BBIOOPY CIIOB M TEPMUHOJIOTMYECKUM HECOOTBETCTBUAM. [laHHOE
HCCJIEIOBAHME MO3BOJIAET ClIEIaTh BBIBOJ, YTO, XOTs MALLIWHHBIN NIEPEBOJL II0KA HE MOXKET
IIOJIHOCTBIO IIOBTOPUTH OIIBIT YEJIOBEKA, €I0 MOKHO IOTEHIIMAIBHO UCIIOJIB30BATh KAK
BCIIOMOTI'aTeJIbHAs TEXHOJIOIUS B KA4€CTBE IIOMOLIHUKA [IEPEBOJYMKA UIM UCIIOIb30BATHCS
Kak OI0JKETHOE pEeLIeHHE ISl MEHEE CEPbEe3HbIX KOMMYHUKATUBHBIX 3a1a4. KpynHbie
HIMIIUPHYECKUE UCCIIEIOBAHUS HEOOXOJMMO MPOBECTH B Oy IyIIEM IS OLIEHKU
npodecCHOHATBHBIX MHCTPYMEHTOB MAIlIMHHOTO YCTHOTO TIEPEBO/Ia B YCIOBHSIX
pPEeaIbHOTO BPEMEHU U C YYETOM BOCIPUSTHS I10JIb30BATEIICH.

Knrouesvie cnosa: NCKyCCTBEHHBIN MHTEIUIEKT, MAIIMHHBIN YCTHBINA IEPEBOJ,

CHUHXPOHHBIN NEPEBO/I, OLICHKA KaueCTBa.
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Anpaarna
XKacauapl HEMPOHIBIK XKYHeIepre HEeTi3eIreH MAIIMHABIK 1JIECTIC ayapMa CallaChIHIaFbl
COHFBI JKETICTIKTEepre KapaMacTaH, 9Cipece aFbUILIBIH-OPBIC T1 KYObl OONBIHIIIA OHBIH
KociOH iecrie ayapMaMeH CallbICThIPFAH/IaFbl Carachl A Je AKETKIIIKCI3 3epTTEITeH.
OcBl FBUTBIMU OJIKBUIBIKTHI TONTHIPY MaKcaThIHIA Oy 3epTTey SIHAEKCTIH MalluHAIIBIK,
iecre ay1apMachIHbIH CanachiH KociOu ayaapMalibiIapAblH OpbIHIAYbIHIAFbI 1IeCTIe
ayJJapMaMeH CaJIbICThIpa OTBIPBIN Talaiabl. 3epTTEYAiH MaKCaThl — MAITMHAJIBIK
ayJapMaHbIH apTHIKIIBUIBIKTAPhl MEH 9JICi3 TYCTAPBIH aHBIKTAY JKOHE JKUi Ke3/IeCeTiH
Karesnepi ambin kepceTy. OChl MaKcaTTa KOHBEPTeHTTI apaiac 9/1iCHaMaIbIK TCLT
Konanbuisl. Camanel Oaranay oJicTeMeci asChIH/Ia 3epTTeY CaHbIK Oaranay apKblLibl
ayJapMaHbIH CaIlachlH OJIIIET, CanajblK Kepi OaillaHbIC apKbUIbI HAKTHI KaTesepIi
aHbIKTayFa yMThUIIBL. KociOu aygapmarsiiap MeH SIHOEKCTIH HEHPOHIBIK Kylheci
OpBIHIAFaH ajlThl ayanoQparMeHTKe Oara 6epy yIIiH OaabIK JKyiie MeH ka3z0ama Kepi
OailTaHBICTHI KAMTHTHIH apHANBI cama IMKaIackl OeHIMACIIN KOJaHBLUIABL. AyaapMaap/Isl
00BEeKTHBTI Oaranay ymiH Oec capamibl ipikrenai. CaHIbIK HOTHXKETIep Kocion
ayJapMallibUIapbIH JIOTUKAJIBIK TYTACTHIK, TEPMHUHOJIOTHUS JKOHE CTHIIb OOMBIHIIA
MaIlIMHAIBIK ayAapMajiaH KOFapbl HOTH)KE KOpCeTKeHIH aanenaeni. An Suaekc,
KepiCiHIle, MAa3MYHHBIH TOJBIKTBIFBI MEH JKETKi3y/11H ’KaThIKTbUIBIFbI KaFbIHAH JKAKChIPaK
HOTHIKE KOPCETTI — ocipece KYIITI allMaKTBIK aKIIEHTTEP MEH >KOFaphl Coiiey KapKbIHbIH
tuimai enaeni. Cananslk Tanjgay KepceTKeH e, MalllMHANBIK UIecie ayiapMa ajam
ayJapMallibllapblHA TOH KOTHUTHUBTIK IIEKTEYJIep/ieH 00C OOJIFaHbIMEH, JIEKCUKAJIBIK )KOHE
rpaMMaTHKAJIBIK apTHIKTBIKTApFa »K0J1 Oepir, KaObbuigayFa KUbIH 9pi aybIp ceiaeMep
TyFb31Ibl. CoHnail-ak, SIHaeKc canaapibl Kate ayaaphblil, MaFrbiHa OypMaliaHyjapbiHa ceben
60517161. POGOTTBIK, MOHOTOH/IBI JJAYBIC KOHE MPOCOAUSHBIH O0JIMaybl ayAapMaHbIH

TaOUFUIIBIFBIHA Tepic aCcep eTTI. B¥FaH KocCa, KOHTEKCTI TaHydarbl KUBIHABIKTApP CO3

Vii



TaHAAyJaFbl TOJICI3AIKTEP MEH TEPMHUHOJIOTHSIIBIK COMKECCI3IKTepre okemai. by 3eprrey
MaIlIMHAJIBIK 1JIECTIe ayJapMaHbIH 9J1i J1e KociOn MaMaHIapAbIH MeOepIIirii TOIbIK
QJIMacThIpa AJIMAUTHIHBIH KOPCETCE /1€, OHbI KOMEKIII Kypal peTiHAe HeMece
MaHBI3/IbUTBIFBl TOMEH KOMMYHHUKAIMSIIBIK KaFJaiaapaa YHeM/ Il MemiM peTiHae
naiiananyra OONaTHIHBIH aliFaKTaiIbl. AJIAaFbl yaKbITTa HAKTHI YaKbIT PEKUMIH/IE )KYMBIC
ICTEeWTIH KociOM JeHreleri MalMHAIIBIK 1JIecTie ayjapMa KypalaapblH KeH ayKbIM/IbI
IMIHUPUKAIBIK 3€PTTEYJIep HETI31H e, COHai-aK MalijalanyIbUIapablH MKIpJIepiH eckepe
OTBIPBIN Oarasiay Kaker.

Tyuiin co30ep. »acaHIbl HHTEIIEKT, MAllIMHAIBIK aybI3Ila aygapMa, iiecre

aynapma, camaHsl Oaranay.
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Introduction

The influence of artificial intelligence (AI) on humanity is comparable to the
invention of electricity hundreds of years ago or even the discovery of fire, as stated by a
number of prominent figures in the field (Sheikh, Prins & Schrijvers, 2023). AI marks a
new milestone of technological development where a wide range of professional fields are
on the verge of a fundamental shift. Diverse language-related services such as translation
and interpretation are not an exception. Nowadays there are over 700 technological
language solutions focused on machine translation and interpreting, automatic speech
recognition, transcription, and other services, according to Nimdzi Language Technology
Atlas (2023). Even simultaneous interpretation which is believed to be one of the most
comprehensive cognitive tasks the human brain is capable of (Garbovsky, 2021; Wu, 2010;
Zhang, 2017) is subject to automation by the latest breakthrough Al tools playing the life-
changing role for the language specialists. It results in a skyrocketing number of books,
research papers, training programs, and conferences aimed at exploring the role of
technologies in the translation and interpretation market (Guo et al., 2023). These
endeavors are actively backed by language service departments of some government
bodies. For example, The Knowledge Centre on Interpretation at the European
Commission has founded a research and technology space to promote the introduction of
technologies in interpreting (Guo et al., 2023). Contributing to this emergent and hotly
debated field, the present study “Al vs Human Simultaneous Interpreting: Quality
Assessment” states that the recent technologies are promising, but still quite understudied
in the context of machine interpreting, particularly in the English-Russian language pair.
Thus, machine interpreting requires careful attention in the form of quality control and
empirical output analysis in close relation to traditional human interpreting. This section

substantiates this thesis statement by providing the necessary research background,



formulating a problem statement, research objectives, and questions while highlighting the
high significance and novelty of the topic.
Research Background

Simultaneous interpreting has traditionally been conceptualized as a cognitively
demanding task fundamentally reliant on human agency and expertise (Fantinuoli &
Dastyar, 2022). Being one of the most comprehensive brain exercises, it has always
required immense creative and social human intelligence (Garbovsky, 2021) and as a result
“has been historically reluctant to technological change” (Fantinuoli, 2019, p. 5). Even
after the creation of the machine cross-lingual algorithms which marked the beginning of
the machine translation (MT) era and boomed the translation market decades ago
(Garbovsky, 2021), these technologies did not impact the interpreting profession. Until
recently they were analyzed in isolation without its direct impact on the interpreting field
(Fantinuoli, 2023). Nowadays it has changed since much progress has been achieved in
technologization of interpreting (Liu & Liang, 2024) attracting research interest of
academia and industry circles (Fantinuoli, 2018). However, it triggers major concerns
about Al fully substituting human translators and interpreters in the near future, as stated
by Elon Musk (2021), a famous businessman and investor. This statement seems to be
reasonable, especially considering the technologies thanks to which cross-language
communication barriers might be erased without the support of translators and interpreters.
For example, a Russian technology company Yandex (2021) has started to provide in their
browser free real-life captioning, machine interpreting, and full-fledge simultaneous
interpretation of live broadcasts in beta version from several foreign languages into
Russian. Thus, users are able to consume foreign language video content anytime for free
and without waiting for translators or interpreters to provide the services. One more

example is Apple Inc., one of the biggest technological corporations in the world. It has



announced a new AirPods feature with a function of live translation of conversations
(Gurman, 2025). Samsung (2024) has successfully introduced a similar function — Al-
powered live translation of phone calls. Real-time multilingual communication is
streamlined through this feature, which transforms the device into a personal translator by
enabling immediate translation of phone calls. Therefore, people are already able to
communicate irrespectively of language barriers and without human interpreters just by
using their smartphone devices.

Interestingly, machine interpreting tools approach not only daily foreign language
content or simple inter-language communication but also professional conference
interpreting services at bilateral or multilateral meetings and large-scale events. Such
companies as KUDO, Meta, Stenomatic, Wordly, Interprefy actively develop Al-driven
tools for full automation of interpreting services. KUDO, for example, created a special Al
for automated simultaneous interpreting which is available on a commercial basis for both
small and large-scale multilingual events. According to the company’s website, there is a
growing number of success stories when KUDO Al was introduced instead of human
interpreters in different kinds of events (KUDO, n.d.). More technologies that might
potentially replace the work of consecutive or simultaneous interpreters are on the way out
as technology continues to advance rapidly. Still, some experts firmly believe that
machines will not be capable of high-quality interpreting and literary translations,
according to the Rector of Moscow State Linguistic University, also known as MGLU
(2020). High-stakes confidential or political negotiations are also out of the equation and
will continue to be interpreted without technology integration, as argued by Fantinuoli
(2019), a prominent expert in technologization of interpreting and founder of KUDO Al

Nevertheless, human substitution at least to some degree seems to be irreversible, since the



recent breakthrough development of neural Al networks resulted in fully automated and
quite competitive simultaneous interpretation tools, as exemplified above.

This emerging Al-integration trend raises the question of the quality of the provided
interpretation in comparison to the traditional human-performed services, especially
considering the continuous technological upgrades. Therefore, it is extremely important to
keep track of the output improvements and empirically examine its benefits and
limitations. However, unlike machine translation which counts plenty of research studies
focused on diverse aspects of human versus machine output in multiple language pairs,
research activity in the field of machine interpreting is still in its infant stage (Carl &
Braun, 2017; Guo et al., 2023; Liu, 2023). Certainly, there is a growing number of studies
circling around computer-assisted interpreting (CAI) tools aimed at simplifying the
interpreters’ duty by integrating the latest technologies such as speech recognition,
terminology management, and others, as illustrated in the works of Defrancq and
Fantinuoli (2021), Desmet et al. (2018), Fantinuoli et al. (2022), Prandi (2023), Wang and
Wang (2019), to name just a few. Yet, as far as the literature demonstrates, fully automated
MI in relation to human performance, especially in simultaneous mode, is the focus of a
relatively smaller number of studies, such as Miiller et al. (2016), Fantinuoli and Prandi
(2021), Liu and Liang (2024) and other. All the abovementioned papers demonstrate
notable improvements in machine outputs across different languages including English,
Chinese, German, and Italian while also indicating major linguistic and non-linguistic
elements machines struggle with, as specified in the literature review chapter. However, to
the best of the researcher’s knowledge and at the moment of writing, there are very few
open and available studies touching upon the application of technological disruptions

specifically in English-Russian interpreting. In light of research endeavors in other



language pairs, it constitutes a gap and is directly related to the problem statement of the
present paper as described in the following paragraph.
Problem Statement and Significance of the Study

As mentioned above, research activity in the field of technologies in interpreting is
still in its early stage of development. Thus, it remains unclear, particularly in the English-
Russian language pair, where very few studies approached this issue, to what extent
machine interpreting tools are really competitive compared to conventional human
interpreting and what are their typical benefits and limitations. At the moment of writing,
there are only several publicly available studies and articles that analyzed the future of
English-Russian interpreting in the view of technologization, for example, Avedova and
Miteleva (2016), Garbovsky and Kostikova (2019), Sarmanova (2022). Yet, the existing
limited number of studies did not empirically examine the output of the newest Als
developed specifically for interpreting automation which underpins the research problem
of this paper. In the era of Al disruption where no field, including interpreting, will be
untouched, knowledge of Al operation, strengths, and weaknesses is extremely important.
It presents both theoretical and practical significance. In terms of theoretical significance,
the present study developed quality assessment framework in order to estimate quality of
different versions of machine and human outputs. This assessment framework might be
potentially used in the further studies in this field aimed at quality assessment and
comparison of simultaneous interpreting. This Master’s thesis also has practical
significance for all stakeholders of the interpreting market. For instance, practitioners and
academia need to be aware of the practical strengths and weaknesses of machine
interpreting in order to make an appropriate judgment in which subject domains humans
will probably be replaced due to equivalent machine output or vice versa, where human

interpreters still outperform Al It also serves the interests of employers and end-users of



interpreting services who need to be informed when to resort to traditional human
interpreters, and when to embrace Al-driven machine interpreting solutions that are more
financially accessible (Massey & Ehrensberger-Dow, 2017). Thus, it proves the novelty,
high relevance, and practical significance of the present study which intends to address the
existing research problem related to the lack of information on how machine interpreting
tools operate in English-Russian language combination. The next paragraph detailly
describes the main goal of this Master’s thesis underpinning the research questions as well

as the methodology utilized to answer them.

Research Purpose and Questions

Taking into consideration the existing research gap, this study aims at a critical
analysis of Al-driven machine interpreting tools in the English-Russian language pair. It
intends to reveal the strengths and weaknesses of machine interpreting output quality in
comparison to traditional human interpreting. Thus, as a result of the study, it will be clear,
to what extent machine interpreting is competitive, what are the comparative advantages
and common error patterns. To meet this purpose, the study needs to answer two research
questions:

1. How does the performance of Al-driven machine interpreting in the
English-Russian language pair measure up against human interpreters?

2. What are the typical mistakes and limitations in Al-driven machine
interpreting in the English-Russian language pair?

First research question requires quantitative approach in order to measure the
outputs while the second question is about more in-depth qualitative considerations to find
examples of mistakes. Thus, mixed-method approach is used in this Master’s thesis. In
order to answer these questions, the study needs to empirically test a machine interpreting

tool and critically analyze, and assess performance in relation to the corresponding human



interpreting. Quality assessment is a research method that falls under the category of
translation studies (Saldanha & O’Brien, 2014) and provided a pathway to answering the
research questions. This method fully corresponds to the nature of this study aimed at
revealing the quality of the different versions of interpretation. This method can be both
quantitative and qualitative in nature (Saldanha & O’Brien, 2014) and implies an
assessment framework with specific criteria for consideration created or adapted from the
existing assessment scales enabling the human assessors to carefully analyze and evaluate
the performance based on the scale indicators (Han, 2021; Saldanha & O’Brien, 2014).
Thus, an analytical assessment scale with detailed criteria descriptors for each score was
adapted specifically for this study in order to answer the research questions in depth. The

assessment framework utilized in this study is described in the methodology chapter.

Summary

This introductory chapter provided a solid foundation for further exploration of the
topic. The overview of the research background highlighted the current trends in the field
and the existing research gap to be addressed in this paper. The clear delineation of the
problem statement underscores the lack of knowledge on the quality of Al-generated
simultaneous interpreting in the English-Russian language pair, motivating the need for
empirical research articles examining the strengths and weaknesses of Al language
solutions. The research purpose and questions have been articulated in relation to the gap
of knowledge to guide the investigation towards meaningful insights and contributions to
the field. Throughout the section, the practical significance of the topic for the wide range
of stakeholders has been strongly emphasized. The next paragraph concludes the
introduction chapter by providing the structure of this Master’s thesis chapter by chapter.

This paper consists of six chapters. The first is the Introduction chapter as provided

in the previous sections with a detailed outline of the research background, problem



statement, and its significance as well as research purpose and questions. The Literature
Review chapter reviews the relevant literature on machine interpreting in different
language pairs, including the development path of machine interpreting, empirical studies
and real-life implementation cases as well as existing quality assessment methods. This
extensive chapter is summarized in the conceptual framework explaining how all the major
findings are interrelated highlighting the research gap and pathways to fill it. The next
chapter is Methodology, it details and justifies the selected mixed-method approach,
including the criteria used for quality assessment method, participants selection,
quantitative and qualitative data collection procedures, as well as data analysis approaches.
The Results chapter presents the findings, beginning with the quantitative results from the
t-test, followed by an analysis of the qualitative feedback to identify common error
patterns. The Discussion chapter discusses the major findings in relation to the research
questions, relates them to the previous studies in the same area, and considers further
implications. Finally, the last chapter is the Conclusion, it summarizes the thesis, outlining
the key insights, acknowledging limitations, and suggesting future research directions. In
accordance with this structure, the next chapter reviews existing literature on the topic of

this Master’s thesis.



Literature Review

Recognized as a highly intensive cognitive task (Garbovsky, 2021), simultaneous
interpreting has traditionally been framed as a human-dependent process grounded in
cognitive operations (Fantinuoli & Dastyar, 2022). Aa a result, interpreting, unlike other
professions, was not a subject of automation for quite a long time (Fantinuoli, 2019).
However, due to skyrocketing development of artificial intelligence and neural machine
translation, some researchers believe that human dominance in the translation and
interpreting fields is questioned these days (Downie, 2019; Pym & Torres-Sim on, 2021).
Recent developments in interpreting technologies have captured the attention of both
academic researchers and industry professionals (Fantinuoli, 2018), leading to the
emergence of various Al-driven solutions for automated interpretation. The purpose of this
chapter is to review the growing body of research surrounding technological turn in the
interpreting field and to provide the solid literature background for the present empirical
research “Al vs Human Simultaneous Interpreting: Quality Assessment”. This literature
background helps to predict and estimate possible outcomes of the practical part of this
paper aimed at answering the following research questions: How does the performance of
Al-driven machine interpreting in English-Russian language pair measure up against
human interpreters? What are the typical mistakes and limitations in Al-driven machine
interpreting in English-Russian language pair? This chapter concludes that there is a
significant gap in knowledge on how machine interpreting operates in English-Russian
language pair. Yet, based on the existing literature in other language pairs and the latest
real-life implementation cases, it is plausible to assume quite accurate and adequate
interpreting which nevertheless inferior to human performance in many aspects. This
chapter also provides critical review of the existing quality evaluation criteria in

simultaneous interpreting field and presents original quality assessment framework based



on the examined literature. This quality assessment framework was used in the empirical
part of this study to estimate the performance of machine automatic output in relation to
human interpreting. The paragraphs of this chapter are organized according to the major
literature review findings based on the studies of the prominent and credible figures of the
field over the last 10-15 years. The relevant literature was searched primarily in Google
Scholar, Research Gate, Taylor & Francis Online, Wiley Online Library and other credible
databases. The articles were selected based on their credibility, relatedness with the topic
and expertise of the authors. The first section of this chapter introduces explanations of the
major concepts widely used throughout the paper. The second section provides an
overview of the development path of automated interpreting. The third section reviews and
analyses previous empirical studies on machine interpreting output in different language
pairs followed by the fourth section devoted to some real-life cases of machine interpreting
implementation. The final paragraph reviews the existing quality assessment principles in
order to adopt a list of assessment criteria necessary for the methodology section. This
chapter is summarized in the concluding paragraph with the main literature take-aways
presenting the visual conceptual framework in relation to this Master’s thesis purpose and

questions.

Concepts

The topic of this study is directly related to the interpreting technologies. Therefore,
it entails special terms which could be unclear for the unfamiliar audience. To be able to
comprehend the intricate subject matter of the field, it is necessary, first and foremost, to
define the major concepts which will be used throughout the paper. They are: simultaneous

interpretation (SI), artificial intelligence (Al) and machine interpreting (MI).
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Simultaneous Interpretation (SI)

The concept of SI has a paramount significance to this thesis. Sometimes confused
with other types of oral translations by unfamiliar audience, SI can be defined as “a mode
of interpreting in which the speaker makes a speech and the interpreter reformulates the
speech into a language his audience understands at the same time” (Pearson, 2022, para. 2).
Such practice requires special interpreting equipment, headphones and microphone for all
the speakers, listeners and interpreters (Tirosh, 2023) which perform their job in a sound-
proof cabin, also known as booth (Wu, 2010). As explained by Selescovitch, a prominent
conference interpreter and theoreticians in the field of SI, human interpreting (HI) is a
triangular process involving active listening and understanding in the source language,
analysis and structuring of the message, and reproduction of the meaning in the target
language altogether accomplished in a matter of few seconds (Zhang, 2017). Similarly,
Herbert (as cited in Péchhacker, 2024) also envisioned HI as a sequence of three steps:
understanding, transference and speaking. Therefore, the act of simultaneous interpreting
can be visually represented as follows in the Figure 1.

Figure 1

Simultaneous Interpreting Process

listening / understanding ) analysis / transference ) reproduction / speaking

This is one of the most difficult linguistic tasks the human brain is capable of since

it requires deep concentration and the ability to listen, process the information and
reformulate it another language at the same time (Wu, 2010). That is why simultaneous
interpreters work in a group of two interpreters and change every 15-30 minutes since
brain is incapable to perform this task for a long time (Moser-Mercer et al., 1998).

Undoubtedly, SI requires extensive preparation, aptitude and can be successfully



performed only upon years of training (Zhang, 2017). Yet, with the advancement of the
language technologies and artificial intelligence, the first automated interpreting tools
gradually emerged in the field to simplify such a complex human activity (Corpas Pastor,
2018). In this regard, artificial intelligence plays the central role in the development of
interpreting technologies.

Artificial Intelligence (Al)

The concept of Al has quite a complicated nature. The term was officially coined
and accepted as a field of study during the Dartmouth University Workshop in 1956 and
was initially defined as “the science and engineering of making intelligent machines”
(Manning, 2020, para. 1). Certainly, nowadays literature evidences much broader
definition. Due to continuous technological development, huge investments, and countless
improvements, Al has gained more advanced meaning and become closely interrelated to
other complex disruptive technologies (Sheikh et al., 2023). It resulted in the absence of
one universally accepted definition of Al these days, as noted by a number of authors
(Horvéath, 2022; Zhang, 2017). Al is rather an umbrella term that covers a huge variety of
technologies such as machine learning, algorithms, natural language processing (NLP), and
other (Coursera, 2023; Zhang, 2017). Focusing on its key features, one of the possible Al
definitions is “the ability of a machine to display human-like capabilities such as
reasoning, learning, planning, and creativity” (European Parliament, 2023, para. 3). The
advanced Al tools also include automatic speech recognition, conversion of speech into a
text, neural translation of the texts into a target language and its voice-over (Corpas Pastor,
2018; Prandi, 2023). Therefore, it can automate the work of a human interpreter, as argued
by Wang and Wang (2019). This Al-powered process is also known as machine

interpreting, as explained in the next paragraph.
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Machine Interpreting (MI)

As well as in the case of Al, there is no single established definition of the MI
concept either, since machine interpreting has much shorter history compared to
widespread machine translation (Fedorova, 2023). As noted by Pochhacker (2024), there is
a “terminological mess” (p. 10) in the field where the same concept of automated
simultaneous interpreting is referred to in various studies differently using inconsistent
terminology. Machine interpreting sometimes also referred to as automated interpreting,
speech translation, spoken language translation or speech-to-speech translation. Despite the
terminological inconsistencies, all of the listed terms are practically synonyms and denote
the same concept of automated interpreting using cutting-edge technologies. This study
mainly utilizes the “machine interpreting” term, but some of the other existing terms
denoting the same idea might be used throughout the paper synonymously. One of the
possible definitions of MI is “the transmission of a spoken message in one language into a
spoken message in a different language using Al, without the input of a human interpreter”
(Hynes, 2022, para. 2). MI involves a combination of technologies, also called cascading
system (Corpas Pastor, 2021). Cascade is a sequence of consecutively performed steps to
produce simultaneous interpreting, where the first step is the speech-to-text conversion
(STT), also known as automatic speech recognition (ASR) performed in order to transfer
spoken language into a written text (Prandi, 2023; Wang et al., 2022). The second step of
the cascade is machine translation (MT) of written text from a source language intro a
target language (Corpas Pastor, 2021; Prandi, 2023; Wang et al., 2022). The final step is
text-to-speech synthesis (TTS), in other words the voice-over of the translation (Corpas
Pastor, 2021; Prandi, 2023; Wang et al., 2022). Therefore, the process of machine

interpreting can be visually represented as follows in the Figure 2 below.



Figure 2

Machine Interpreting Process

a“t‘-"“_:.t“: S‘Les?hl machine translation text-to-speech (TTS) /
recognition (ASR) (MT) of text voice-over of the text
speech-to-text (STT)

Interestingly, all three cascade steps of MI have certain flaws hampering the

interpreting output. For example, the speech recognition step is significantly impeded in
case of a regional dialects, speaker's errors, speech disfluency, external sounds and noises,
and other factors (Krenz, 2008). As of the second step of the cascade, automatic machine
translation systems are used, which are not always able to translate a highly difficult text in
a given context and might be still inferior to more careful human translation (Drozdova,
2015; Li & Chen, 2019). At the third stage of speech synthesis the greatest flaw is
harmonization of the acoustic design of the translated on the second stage text with the
source speech, which might also be performed inaccurately given the differences in
intonation and pitch manners in a given language pair (Radwinski, 2017). The majority of
the automated interpreting tools use the cascading system detailly explained above, yet,
there are attempts to develop an end-to-end model which does not require ASR step where
most of the mistakes come from (Prandi, 2023; Wang et al., 2022). It could significantly
improve the output quality and reduce error propagation, i.e., repetition of the same
mistake throughout interpreting process (Wang et al., 2022). End-to-end systems are
explored by Google and are extremely challenging to setup since a huge amount of data
needs to be trained for the model (Wang et al., 2022). The next section seeks to explore the
development path and reasons for rather slow integration of such technologies in the

interpreting market.
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History and Prospects of MI

Despite being introduced in the 1990s, primitive types of interpreting technologies
did not receive such popularity as machine translation (MT) which appeared by the 1950s
(Ahmed, 2022; Horvath, 2022). Claudio Fantinuoli, Ph.D., founder of InterpretBank and
KUDO Al in his interview for Dastyar (Fantinuoli & Dastyar, 2022) explained the reason
for rather low practical usage of interpreting technologies. He stated, “interpreting has, on
one hand, a long tradition of being a very human-centric and cognitive-oriented activity,
and on the other, it is rather a small profession if you think for example of the relatively
limited numbers of practitioners” (Fantinuoli & Dastyar, 2022, p. 186). A similar point has
been made by Garbovsky (2021), a professor at the Moscow State University, who stated
that SI takes complex cognitive abilities, and creative and social intelligence requiring an
exclusively human approach. As a consequence, demand and trust in interpreting
technologies remained low and has led to the fact that interpreters compared to translators,
have not benefited from the major technological breakthrough, relying on the long-
established manual methods, according to Costa et al. (2014). One more possible reason
for slow integration lies in economic considerations since such tools might decrease
interpreters’ remuneration, as marked by Ahmed (2022). According to statistics, payments
for written translation have been reduced by approximately 50% since 2008 because of MT
introduction and economic optimization (DePalma et al., 2013). Sarmanova (2022), Ph.D.
of Translation Studies and prominent Kazakhstani freelance interpreter stated that the
interpreting market is not immune to the similar developments. Despite the relatively small
impact of technology on the interpreting sector, the pressure to adopt new technologies
increases year by year and can eventually lead to the gradual substitution of humans in
some contexts (Sarmanova, 2022). There are also concerns about low quality of

interpreting and dehumanisation of the profession, as marked by Jourdenais and Mikkelson



16

(2015). These concerns were supported by Wang and Li (2022) who conducted a large
survey and interviews among Chinese interpreters and found out that half of the
respondents had doubts and skepticism toward interpreting technology. Similarly,
researchers in the European context such as Pym (2011) and Fantinuoli (2018) also argue
that interpreters mostly distrust the promising language technologies. Therefore, due to the
reluctance and limited practical usage of interpreting technologies, the research body has
started its formation considerably later and resulted in a comparatively small number of
empirical studies in this field, as marked by Corpas Pastor (2018). The next section
provides the review of the existing limited number of research focused on evaluation of MI
performance. It gives some insights on the actual machine output and helps to predict the
possible outcomes of the present study.
MI Output Quality

The limited number of empirical studies on MI and computer-assisted interpreting
(CAI) evidence both strengths and weaknesses of the provided output. Fantinuoli (2017)
tested the InterpretBank that transfers speech into a terminological glossary that can be
subsequently used by an interpreter in the preparation process. The experiment resulted in
successfully recognized 11 out of 11 numerals and 113 out of 119 terms in the English-
Italian language pair (Fantinuoli, 2017). Similar evidence 1s found in the Doctoral thesis of
Sarmanova (2022) who conducted an experiment to test Russian-English speech
recognition and automatic translation integrated into Google Doc, YouTube, and Google
Assistant. The speeches contained terms, abbreviations, numbers, names, different accents,
and speeds. Sarmanova (2022) as well as Fantinuoli (2017), marked very accurate
recognition of all the numbers and major terms. Yet, the tested applications failed to
identify some abbreviations, names and collocation which were misarticulated by the

speaker. For example, the name “Calea Power” was interpreted in Russian as “Kozs
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Power”. The equivalent mistakes were found in the study of by Belenkova (2019),
associate professor at People’s Friendship University of Russia (RUDN), when testing
machine interpreting provided by Google, Microsoft and Yandex. Using the similar
methodology, Belenkova (2019) as well as Sarmanova (2022) comparatively assessed the
performance of several automatic speech recognition and translation tools. The study
brought resembling results in terms of ASR. To illustrate, the proper name “Foni Joyce”
was recognized as “funny J’s” and subsequently interpreted as “Becenve Jowcu” by Google
Translator (Belenkova, 2019). Microsoft Translator recognized this proper name as “20
days” while Yandex did not interpret this part of the speech at all (Belenkova, 2019).
Moreover, in the study of Sarmanova (2022), “CIPE” organization was wrongly
recognized as “cite” and interpreted as “caum”. “Kazakhstan” was initially recognized by
the tool as “calloused and” and later as “Kurdistan” (Sarmanova, 2022). Even relatively
simple words were occasionally misrecognized: “prices” turned into “crisis”, “corporation”
into “cooperation”, etc. (Sarmanova, 2022). Unfortunately, Belenkova (2019) did not
provide the specific examples in her study as Sarmanova (2022), except of the mentioned
above, but also marked low lexical and grammatical validity of the tested tools, especially
Yandex which failed in almost every semantic segment. Thus, both studies in the English-
Russian language pair (Belenkova, 2019; Sarmanova 2022) highlight the issue of incorrect
speech recognition and as a result, incorrect translation. This type of mistakes is related to
the limitations of the ASR step of the MI cascade system as was mentioned in the previous
paragraphs. Sarmanova (2022) summarized that it is caused by the regional accents,
spontaneous, rapid and misarticulated speech which is not always recognized by automated
tools correctly. Yet, the clearly articulated and slow speeches were successfully recognized
and interpreted with up to 99% accuracy (Sarmanova, 2022). Belenkova (2019),

oppositely, did not explore the reasons for poor MI output, but expressed the need for
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further studies in this domain to fill the evident research gap. Generally, in the opinion of
Fedorova (2023), human interpreters still grasp the meaning better and are able to identify
the essential nuances at the level of subtext or intonation, and to correct the speaker's
mistakes and reservations, if needed. Unfortunately, to the best of the researcher’s
knowledge, the studies of Belenkova (2019) and Sarmanova (2022) are the only published
and publicly accessible papers on MI in the Russian-English language pair at the moment
of writing, making the research gap evident. Therefore, reviewing studies in other language
pairs is important to better understand typical MI output.

Considering the literature in other language pairs, similar outcomes are evident.
Some MI weaknesses seem to be present across different contexts. For example, Liu
(2023) reviewed several studies in this area in the Chinese context and came to a
conclusion consistent with Sarmanova’s (2022). Liu (2023) made comparative analysis of
MI and human interpreting (HI) outputs based on the previous studies in China. As well as
Sarmanova (2022), Liu (2023) highlighted that such factors as accent, tone, sound volume,
speed and background noises negatively affect MI output since the existing technologies
still struggle in overcoming these challenges. The author noted that Al-powered tools
outperform human interpreters (HI) in terms of memory volume and precision of numbers,
figures and unknown concepts. Liu (2023) explained it by the fact that cognitive abilities
of interpreters are limited and information completeness might be worse than the Al-
powered tools demonstrate due to fatigue, stress, occasionally forgotten terms and other
human factors. Very similar results with slightly different interpretation were presented by
Fantinuoli and Prandi (2021) who examined these issues in the Italian-English language
pair. They utilized quality assessment methodology and unlike Sarmanova (2022) and
Belenkova (2019) not one, but six raters were asked to evaluate both human and machine

performances from the communicative perspective based on the provided assessment
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framework. As a result, Fantinuoli and Prandi (2021) found out that interpreters compared
to machines tend to generalize the source information in order to keep up with the speed
and cope with a cognitive load, therefore, skipping some units of information (Fantinuoli
& Prandi, 2021). Humans stive to interpret the key message explicitly, however, it might
be less precise than Al-powered tools which interpret every single unit, if articulated
clearly, as the study demonstrates (Fantinuoli & Prandi, 2021). Nevertheless, some speech
recognition issues present in this research as well which seems to be a problem across
multiple language pairs, as exhibited in the previous studies of Belenkova (2019),
Sarmanova (2022), and Liu (2023). Generally, Fantinuoli and Prandi (2021) note that
humans are superior in terms of fluency, clarity and adequacy of the renditions while Al-
powered interpreting is slightly better in informativeness, in other words “content
completeness”.

It seems logical that the MI limitations reflected above will be gradually eliminated
with the advancements of Al technologies. Nonetheless, even three years later some of
these patterns are still in place, as displayed in the recent study conducted by Liu and
Liang (2024) who tested the output of human interpreters, Google Translate and Baidu
Translate in the English-Chinese context. Unlike the methodology of Belenkova (2019),
Sarmanova (2022) and Fantinuoli and Prandi (2021), these authors did not use human
participants approach, but utilized automatic metrics to comparatively assess the human
and machine performances. Trying to avoid human assessors’ subjectivity, Liu and Liang
(2024) used Coh-Metrics 3.0 and TAASSC (Tool for the Automatic Analysis of Syntactic
Sophistication and Complexity). The authors transcribed the simultaneously interpreted
speeches and let the automatic metrics evaluate the human and machine outputs on the
lexical, syntactic and cohesive levels based on the 106 indices. The results demonstrated

that despite continuous technological updates, the tested services “stick to word-to-word



translation” and unable to recognize the contexts of speeches (Liu & Liang, 2024, p. 10).
In contrast, humans tend to simplify the speech, use more understandable, cohesive and
shorter expressions while also demonstrating lexical diversity by adding causal
prepositions (Liu & Liang, 2024). These results are consistent with the study of Fantinuoli
and Prandi (2021) where the similar patterns were revealed. MI was incapable to creatively
generate some language constructions unless they were explicitly stated in the original
speech (Liu & Liang, 2024). Yet, there is a slight disagreement in terms of interpretation of
the results among different authors. For example, the informativeness strength of MI
output reflected in the study of Fantinuoli and Prandi (2021) is interpreted as rather
negative factor by Liu and Liang (2024) since adherence to the input language for the sake
of precision sometimes results in too literal and confusing outputs. Generally, this is the
matter of the results’ interpretation and authors might comprehend and represent them
differently depending on their individual backgrounds.

Finally, there is also an issue of latency — “the time delay from when an utterance is
pronounced in the source language to when it gets translated in the target language”
(Fantinuoli & Prandi, 2021, p. 245). In technical terms, it refers to the time span, measured
in seconds, from when a word is spoken in the source language to when its translation is
delivered (KUDO, n.d.). It can be quantified by the number of words or seconds the
listener must wait through before receiving the translation (KUDO, n.d.). HI latency is
about 2-4 seconds (Pochhacker, 2015), while MI latency is usually longer. It presents a
notable drawback since the interpretation recipients need to wait longer to understand the
message. Longer machine latency is explained by extensive processing time and speech
output synthesis which also takes several seconds. Reduction of machine latency requires
algorithms for context prediction and reliability check of the obtained prediction

(Fedorova, 2023). This issue is highly relevant for the language pairs with immense syntax



differences (Grissom, 2017). The issue of latency was not explored in the studies of
Sarmanova (2022), Belenkova (2019), Fantinuoli and Prandi (2021), Liu and Liang (2024)
and all the aforementioned articles. As a result, current MI latency in comparison to the
conventional human interpreting is unexplored and requires more attention.

To summarize, MI output quality varies across different languages, but there are
common failure patterns. Despite quite adequate and generally relevant performance in the
reviewed studies, MI might still be unacceptable in high stakes situations (Carl & Braun,
2017). As marked in the referenced literature, irrespectively of the utilized methodology
and the selected machine interpreting tools, Al struggles with high speed, strong accents,
speech disfluencies and contexts recognition. The common themes present in most of the
reviewed studies are: occasionally incorrect automatic speech recognition, literalism or
word-to-word interpretation of some renditions and poor context recognition. Nevertheless,
MI is generally better in terms of message completeness and informativeness compared to
humans which due to limited cognitive abilities tend to simplify and shorten the complex
messages. Yet, all reviewed studies were conducted in the experimental setting without the
consideration of real audience perception. The next section aims to analyze a number of
documented situations where people embraced MI in order to explore a real-life machine
performance.

Real-Life Implications of MI

Apart from the research papers, there are some documented real-life cases of
machine interpreting. For example, the Al-powered tool called InterACT was introduced at
the lectures for international students at a German university to interpret the speeches
simultaneously (Cho et al., 2013). Unfortunately, these MI recordings are not publicly
available, but professors commended the general outcomes, marking a few imperfections

(Landgraf, 2012). However, this experiment took place more than 12 years ago when MI
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quality expectations were considerably lower than today. To illustrate, few years later the
large-scale events resulted in negative feedback. Boao Forum 2018 and Translation
Automation User Society Asia Conference 2018 introduced MI instead of human
interpreters in Chinese-English language pair. As reported by Wang and Wang (2019), the
tools utilized in these events demonstrated serious inaccuracies. For example, the name
“Road and Belt Initiative” was interpreted as “road for transportation and belt for the
waist” respectively (Wang & Wang, 2019). MI also made considerable ASR-related
mistakes as well as did not recognize the context. Such failures were harshly criticized by
the participants of the conference and widely discussed in the Internet. In contrast, five
years later, the most recent cases indicated considerable improvements. In June 2023 the
WIRED YouTube channel counting over 10 million subscribers invited two professional
Spanish-English conference interpreters to assess several speeches interpreted by KUDO
Al Surprisingly, the performance was very good. The invited experts commended the
completeness, terminology usage, high accuracy while marking only few shortcomings
such as pauses, longer latency, occasional struggles in word choice, and minor grammar
inconsistencies (WIRED, 2023). After the video went viral, Claudio Fantinuoli — founder
KUDO AI, commented that the model assessed in the video has already been improved by
25% as of the end of 2023 (Santos, 2023). Moreover, Tzachi Levy — the product manager
of KUDO, stated that their product is already used by over 20 corporate clients and
continues to gain its popularity (Santos, 2023). In this regard, more tests and assessments
are needed to keep track the recent breakthrough improvements, especially in other
language pairs where the research gap is evident.

To summarize, MI output quality of moderate difficulty speeches is good, but in
more complicated cases there is still room for improvement, as noted in both empirical

studies and real-life implication cases. Thus, it is viable to suggest that in the present study
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the tested MI will also demonstrate quite satisfying results in case of clear and
straightforward speeches while struggling with more complicated ones where accents,
misarticulations and intricate expressions are accompanied with high speed. Yet,
considering the continuous technological updates, it is difficult to build any exact
predictions, especially in the English-Russian language pairs where the research gap is
vivid. The final section is aimed at reviewing the existing interpreting quality evaluation
approaches. It is necessary since this research paper will utilize quality assessment

methodology. Thus, clear-established quality criteria are needed.

Interpreting Quality Assessment

Quality assessment of interpreting varies widely due to subjective perspectives
(Pochhacker, 2001). Despite decades of debate, no consensus exists on defining "good"
interpretation (Pagura, 2019). Gile, a famous author and emeritus professor in translation,
interpreting and linguistics notes that a unified, valid, and reliable assessment metric
remains elusive in interpreting research (Niska, 1999). There is no universally accepted
assessment rubric or recognized components within translation and interpreting studies
(Angelelli & Jakobson, 2009). Instead, debates continue over the most effective evaluation
criteria. Kahane (2015), an associate member of the International Association of
Conference Interpreters (AIIC), one of the first and most influential communities founded
in 1953, describes quality as an “elusive concept” (p. 1), while Wadensjo (1998) also
emphasizes the absence of clear, universal standards. Addressing this issue, in 1996 AIIC
explored a possibility to obtain ISO (International Standardization Organization) quality
certification for conference interpreting (Pagura, 2019). However, specialists concluded
that quality in this field is challenging to standardize due to its dependence on numerous
external factors beyond the interpreter’s control (Luccarelli & Gree, 2007, cited in

MacDonald, 2013). International organizations recruiting interpreters and educational



institutions often develop their own criteria to address these complexities, particularly for
certification purposes (Pagura, 2019). Many research was conducted to reveal the most
essential parameters for these assessment frameworks. A common misconception is that
interpreting assessment should mainly focus on linguistic factors. For instance, prominent
professor of interpreting studies, publishing author and conference interpreter Franz
Pochhacker (2001) notes that the concept of quality extends far beyond linguistic criteria
and must also consider communicative effectiveness, specific situational and institutional
contexts. Therefore, the criteria for quality assessment of interpreting should include both
linguistic and extra-linguistic aspects. Extra-linguistic characteristics include delivery,
intonation, pausing and other factors which often are not taken into account in assessment
grids (Pochhacker, 2001).
Essential Assessment Criteria

Expanding on existing studies, He Huiling surveyed organizers, speakers,
interpreters, and audiences from nine international academic conferences to find the top
priority of interpreting quality (Ma, 2021). Accurate information delivery was the most
significant criteria, followed by correct terminology and prior document preparation for
interpreters (Ma, 2021). Similarly, Ru Mingli questioned participants of five conferences in
commerce, engineering, and religion highlighting a shared focus on content accuracy over
linguistic form, with business conference users demanding the highest faithfulness to
speakers and precise terminology (Ma, 2021). As summarized by Ma (2021), professional
users of interpreting services consider that correct terminology, completeness of
information, consistency, logical cohesion and synchronicity are among the most important
criteria while intonation and correct grammar are the least valuable factors. Likewise, Gile
(1990), Moser (1995), Kurz (1989 and 2001) also tried to reveal the most significant

criteria for evaluation of interpreters’ performance through questionnaires for both
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recipients and interpreters. The terminology used to give the idea of certain criteria varies
immensely from one study to another. Yet, such criteria as fidelity or in other words
accuracy, language appropriateness, coherence, voice and intonation, terminology,
significance of mistakes and several others are present in most of the beforementioned
research (Pagura, 2019). Trying to indicate the most valuable criteria out of this outlined
set of priorities, Kurz (2001) surveyed the end-users and members of AIIC, where the
significance of nine quality criteria was rated by the respondents. Answers demonstrated
the following priority order: “fluency, logical cohesion, sense consistency, completeness,
grammar, terminology, accent, and voice” (Kurz, 2001, p. 406).

Interestingly, Zwischenberger (2010) tried to replicate the study of Kurz (2001) and
also surveyed the members of AIIC and the German Association of Conference
Interpreters (VKD) to identify the order of priority in quality assessment criteria. His
framework consisted of 11 criteria summarized into three categories: “Content-related
criteria: sense of consistency with original, logical cohesion, completeness. Form-related
criteria: correct terminology, correct grammar, appropriate style. Delivery-related criteria:
fluency of delivery, lively intonation, pleasant voice, synchronicity, native accent”
(Zwischenberger, 2010, p. 9). According to the results which are somewhat consistent with
the outcomes of Kurz (2001), content and form-related criteria are the most significant,
while native accent and synchronicity are the least important. Due to the complex nature of
this field, where a criterion considered valuable in one study might be deemed less
significant in another, clear and consistent categorizations as the one of Zwischenberger
(2010) are quite challenging to find. Thus, this Master’s thesis aimed at the quality
assessment and comparison of Al and human interpreting will adopt the classification of
Zwischenberger (2010) since it logically reflects all the main quality aspects of SI and

contains many similar criteria outlined as important by the other beforementioned credible
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authors (Pochhacker, as cited in Kahane, 2015; Gile, as cited in Wu, 2010). However,
criteria like pleasant voice and synchronicity are excluded due to potential subjectivity and
their relatively lower significance according to Zwischenberger (2010).
Assessment Scale Format

In terms of the format of the assessment grid, there are different possible options.
Quality is typically assessed using automated systems such as BLEU (Bilingual Evaluation

Understudy) and METEOR (Metric for Evaluation of Translation with Explicit Ordering),

which compare system outputs against source referenced texts (Fantinuoli & Prandi, 2021).

However, these metrics are not suitable for this study because the quality they measure
automatically is confined to the linguistic similarity between the provided option of a
translation and the reference exemplary translation. They also overlook the extra-linguistic
aspects and fail to account for the translation process within a communicative event (e.g.,
Angelelli, 2002). While such automatic evaluations are useful for comparing systems, they
do not consider the communicative context or how users perceive their effectiveness
(Fantinuoli & Prandi, 2021). Considering the nature of this research it is better to select
and apply a manual assessment framework based on certain criteria frequently employed
for assessing human interpretation despite some inevitable degree of subjectivity related to
the grading process.

Apart from adopting the list of criteria, it is also important to decide on the grading
system and description of the assessment rubrics. While various assessment grids have
been created by organizations and training programs globally, they often do not provide
detailed criteria descriptions and lack validity and reliability in their testing methods
(Angelelli & Jakobson, 2009). Undoubtedly, scoring should be based on fixed and
objective criteria, ideally with the detailed descriptions for each possible score range

(Angelelli & Jakobson, 2009). Score-based assessment grids with detailed descriptions for
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each possible score are considered more reliable than the point-adding or point-deducting
systems commonly used in some organizations and professional associations (Angelelli &
Jakobson, 2009). Following these recommendations, performance needs to be marked
strictly based on the provided criteria descriptors. Therefore, this Master’s thesis utilized
the score-based assessment format where each of the selected criteria is described in
relation to the possible score to ensure transparency of the assigned scores and avoid
subjectivity of the assessors.

In terms of the number of possible scores, according to Angelelli and Jakobson
(2009), a specific number of performance levels makes grading more manageable. Too
many levels could confuse both graders and candidates, while too few would fail to clearly
differentiate competencies needed for certification decisions (Angelelli & Jakobson, 2009).
Therefore, this study will utilize four-fold grading system where one is the worst result and
four is the best. The created scale attached in Appendix A is based on the nine most
important quality criteria of simultaneous interpreting, adapted from Zwischenberger
(2010). The criteria descriptions are summarized from the related studies of Han (2021),
Lee (2008), Lee (2015), Liu (2013), Nadir (2017), Shang (2021), Wang et al. (2015), but
rewritten in a succinct and concise manner. Each criterion can be assessed from one to four
points and the maximum total score is 36. The scale also contains a specific column for
notes, as adapted from Lee (2015). In this part, assessors will write possible errors,
inaccuracies, etc., when listening to the interpretations. Further step-by-step details in
relation to the assessors, data collection and analysis are presented in the methodology
chapter. The next and final paragraph presents the conceptual framework as a logical

summary of the chapter.
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Conceptual Framework

Given the identified research gap, this study seeks to critically evaluate the
performance of machine interpreting in the English-Russian language pair. The objective is
to identify the strengths and weaknesses of Al-generated interpretation compared to those
produced by human interpreters, to determine the extent of Al's competitiveness, its
comparative advantages, and its recurring error patterns. To achieve this goal, the study
focuses on answering two questions: How does the performance of Al-driven machine
interpreting in English-Russian language pair compare to that of human interpreters? What
are the typical errors and limitations of Al-driven machine interpreting in the English-
Russian language pair? Therefore, the central concepts of this paper are artificial
intelligence, simultaneous interpreting, and machine interpreting which were defined in
details in a separate paragraph. Review of the existing studies in this field revealed notable
gaps in knowledge and several recurring themes. Current literature highlights such
challenges as AI’s inability to correctly recognize rapid or poorly articulated speech and
strong regional accents, challenges in interpreting intricate expressions, and other
limitations discussed earlier. Human interpreters, in turn, mainly struggle with limited
cognitive capabilities and human factors trying to keep up with the immense cognitive
load. This study uncovers these and other common interpreting issues using an assessment
scale based on selected key criteria. There is a strong interrelatedness of the central
concepts of this paper, typical drawbacks and limitations of MI, and quality criteria
adopted for the assessment framework of this paper. It can be visually represented in the
following scheme as presented in Figure 3 below. This scheme maps out the relationship
between the concepts overall reflecting the conceptual framework of this Master’s thesis.
The next section finalizes this chapter outlining the key insights from the reviewed

literature.
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Figure 3

Conceptual Framework

a speech
machine appropriate
AI translation style
L . form-related ——
" criteria 8
terminology

/” consistency with
accents = original
speech source QA content-related logical coheslon

SI disfluencies of mistakes \ criteria

context completeness
\ recognition l
? research
\\ * ‘ gap N\
\ delivery-related
\\

e ‘ ‘ intonation

cognitive -

constrains ‘ native accent
human .
factors

fluency of

delivery

Summary

In conclusion, this literature review analyzed the theoretical and empirical studies
on the performance of machine simultaneous interpreting technologies. Such cognitive-
intensive activity as human interpreting (HI) nowadays can be performed by Al-powered
tools capable of replicating human intelligence patterns including speech recognition,
transcribing, translation, and voice-over (Corpas Pastor, 2018; European Parliament, 2023;
Prandi, 2023). Literature evidences rather slow practical implementation of interpreting
technologies due to long-established beliefs of an exclusively human approach and
skepticism among the practitioners (Ahmed, 2022; Fantinuoli & Dastyar, 2022; Wang &
Li, 2022). It resulted in a relatively small number of papers devoted to practical
implementation and analysis of MI performance (Corpas Pastor, 2018) making the research
gap self-evident. The existing empirical studies and real-life cases of MI integration
demonstrate notable mistakes and inaccuracies, starting from speech recognition failures
and lack of context understanding, to excessive word-to-word precision undermining the
overall sense (Belenkova, 2019; Fantinuoli & Prandi, 2021; Liu, 2023; Liu & Liang, 2024;

Sarmanova, 2022; Wang & Wang, 2019). However, the latest data demonstrated quite
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adequate and commendable overall performance (Liu & Liang, 2024; WIRED, 2023)
stipulated by the constant technological updates. It remains clear that the research field is
still at an early development stage and more studies are needed to objectively assess the
quality of continuously improved MI tools. Contributing to this emergent and hotly
debated field, the present study states that the recent technologies are promising, but still
quite understudied in the context of simultaneous interpreting, especially in the English-
Russian language pair which counts very few studies and still no publicly available
documented real-life cases. To address this research gap, the study adapted the criteria of
Zwischenberger (2010) including content, form, and delivery-related categories. There is a
strong connection between the core concepts of this paper, common interpreting
challenges, and quality assessment criteria which altogether underpin the conceptual
framework of this paper as visually summarized in Figure 3. The next chapter presents and

justifies the methodology with the step-by-step plan for data collection and analysis.
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Methodology

In accordance with the topic of the Master’s thesis, the purpose of the study is to
evaluate and analyze the quality of machine interpreting in comparison to traditional
human simultaneous interpreting. The literature review preceding the methodology chapter
demonstrated high relevance of this topic and the lack of similar studies in the English-
Russian language pair. Addressing this research gap, the study examines the machine
interpreting output, compares it to human performance, analyzes errors, and reveals
common patterns. Thus, the research questions are focused on how Al-driven machine
interpreting performs compared to human interpreters in the English-Russian language
pair. It also explores the typical mistakes and limitations found in machine interpreting
within this language combination. This chapter presents the methodology selected to
achieve the research purpose and answer the research questions. The chapter includes
information about the research design, outcomes of piloting, sampling procedures, data
collection and analysis as well as ethical considerations and limitations of the selected
approach.
Research Design

Considering the research purpose and questions, the quality assessment method was
the most appropriate for this study. The quality assessment method falls under the category
of product-based translation studies research methods (Saldanha & O’Brien, 2014).
Product-based methods mean focusing on the translated text or interpreted speech as the
main object of analysis, rather than the translation process or the agents (Saldanha &
O’Brien, 2014). Quality assessment within product-based research methods implies
adapting or creating an assessment framework in accordance with the research context and
can be both quantitative and qualitative in nature depending on the scale construct

(Saldanha & O’Brien, 2014). In order to answer the research questions and ensure a deeper



analysis, the study needed both types of data — an assessment scale consisting of
quantitative and qualitative components. Therefore, this study applied mixed methodology
as defined by Creswell and Creswell (2017). Selection of mixed methodology is justified
by the fact that quantitative data was needed in order to answer the first research question
focused on measurement of machine interpreting against human interpreters. At the same
time, qualitative data was also necessary to answer the second research question aimed at
revelation of typical mistakes in machine interpreting. Additionally, pilot study showed
that solely qualitative data might not be enough for complex analysis, as addressed in the
following section. Thus, the quality assessment scale included both quantitative and
qualitative measurements. The quantitative part of the scale enabled comparison of Al and
human scores via t-test while the qualitative part in the form of a separate column for
identified mistakes and inaccuracies allowed to reveal the typical limitation patterns. This
mixed methodology was identified as convergent in nature since quantitative and
qualitative data was collected approximately at the same time to ensure a comprehensive
analysis of the research problem, as described by Creswell and Creswell (2018). The next
paragraph demonstrates outcomes of the pilot study conducted to test the selected
methodological approach.
Piloting

A small-scale pilot study was conducted before the main Master’s thesis writing.
There were several purposes for the piloting: to test the assessment scale construct, to
define the optimal number of participants, and to test different machine interpreting tools.
In the initial stages, it was decided not to include the quantitative component in the
assessment scale in order to find whether it is possible to simplify the methodology and
obtain necessary results based on solely qualitative data. Three sampled assessors working

as conference interpreters and lecturers of translation courses were invited to listen to both
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versions of Al-generated and human interpretations of six fragments sampled from free
UN Web TV website and left their feedback. It was found that three is the adequate sample
size of participants to obtain general impressions and remarks. Yet, it was decided to
expand the number in the final Master’s thesis to retrieve more comments and as a result to
deepen the analysis. Six selected fragments were enough to collect the necessary data. It
was also found that the simplified assessment scale without numerical evaluations
provided limited insights insufficient to reveal how machine interpreting really measures
up against human performance. Solely qualitative data was not enough to answer all the
research questions and to ensure more comprehensive analysis. Thus, the final assessment
scale used in this Master’s paper included both quantitative and qualitative components as
described in the next sections.

An additional purpose of piloting was to test different machine interpreting tools
and identify the one to be used in the final Master’s thesis. Initially, KUDO Al was
selected. However, since this Al is available on a commercial basis and no free access was
provided for research purposes, other tools were analyzed. Stenomatic and Yandex neural
networks were tested, revealing notable differences. Piloting showed that Stenomatic
provided slightly worse machine interpretation in the English-Russian language pair with
the latency up to one minute. Additionally, only 10 minutes were available in the free trial
version which was not enough for the effective analysis. It produces full-fledged machine
simultaneous interpreting in live format where Al starts to interpret when the speaker has
not yet finished. However, serious mistakes were found in the given language pair.
Conversely, Yandex demonstrated remarkably better overall performance, though it lacked
a fully live format. Its machine interpretation required several minutes to process video
fragments, prepared in advance. Live Yandex interpreting is also available in beta version

but it is restricted to specific platforms. Given Stenomatic's limited trial period and



unsatisfactory output, Yandex was chosen for the final study. The next sections address the

final study’s methodology taking into account the piloting outcomes.

Materials for the Assessment

This Master’s thesis required the selection of several video or audio materials
interpreted by humans and Al to be assessed and compared against each other. First, to
measure machine interpreting against humans, existing recordings of interpretation
performed by people were sampled. Since the recordings were selected from an open-
access website, no special permission to use them for analysis was needed. Nevertheless, to
avoid any ethical issues, the study did not use recordings if the names of interpreters were
directly indicated. Additionally, this study did not criticize specific human errors analyzing
predominantly machine output to prevent ethical concerns. Sampling existing and open-
access human simultaneous interpretations was the best option for this study considering
the fact that simultaneous interpreting requires special equipment and the physical
presence of interpreters, as was described in the literature review.

The study utilized Yandex neural networks that provide free machine interpreting
of videos and streams when opened in the Yandex browser. Yandex was chosen as a result
of the piloting where several platforms were tested. The pilot study showed overall
adequate and effective work of Yandex neural networks. Expanding the sample size to
several Als might be financially and time-consuming. Thus, comparison among several
Als should be the focus of further studies in this area in the future. This study selected six
video fragments which were given to Yandex for machine interpreting. In order to assess
and compare Yandex and human performances, it was necessary to sample already
interpreted and publicly accessible videos, as justified above. The UN Web TV is a website
that stores recordings of various UN agencies meetings available in five languages,

including Russian and English. The website was used in the pilot study and demonstrated
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its relevancy. Interpretation is typically performed by the UN staff interpreters or
freelancers after complex eligibility examinations pass rate of which is less than 15%
(United Nations Department for General Assembly and Conference Management, 2017).
Thus, MI performance was measured against professionals. The sample size of six video
fragments up to three or four minutes was enough for the analysis as was found at the
piloting stage. Despite the fact that there are no time limitations in Yandex machine
interpreting, longer fragments could make the assessment process very time-consuming for
the assessors and as a result, might affect the judgments.

Importantly, to analyze how Yandex navigates in various subject domains, it was
necessary to select the videos from different areas, ensuring terminological, lexical, and
contextual variety. To ensure a comprehensive evaluation of machine interpreting, six
video fragments were selected from different UN sessions. Each fragment was chosen to
present distinct interpreting challenges, including high speed of delivery — words per
minute rate (WPM), specialized terminology, proper names, numerical data, and diverse
speaker accents. This variety was intended to test the system’s performance under realistic
and demanding conditions. Full transcripts of the fragments are provided in Appendix B,
while the table below presents a concise overview to contextualize the nature of each
fragment.

Table 1

Video Fragments for Interpreting

No. Duration WPM Topic Challenges
1 1 min 163 Terrorism No significant challenges
6 sec except high speed of delivery
2 3 min 142 International ~ High speed of delivery,

34 sec Relations proper names and figures
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3 3 min 119 Migration A lot of numbers,
28 sec abbreviations, proper names
with prompt delivery
4 3 min 122 Middle East ~ Numbers, terms, and regional
56 sec accent
5 1 min 137 Administration Strong regional accent, high
29 sec and Budgets  speed of delivery, names and
terms
6 3 min 149 Drugs and Strong regional accent, speech
22 sec Crime articulation, terms, dates and

abbreviations delivered at high

speed

Sample

The study purposively sampled five assessors working as freelance interpreters and
teaching simultaneous interpreting courses. Following recommendations of Saldanha and
O’Brien (2014), in the quality assessment method, researchers should not participate in the
evaluation process, if possible, since it might affect the reliability of judgments. Therefore,
a purposive sampling strategy was utilized to ensure that the participants met the necessary
eligibility criteria as described by Creswell and Creswell (2017). The first criterion was
solid interpreting experience to ensure their familiarity with the quality requirements of the
market. The second criterion required a participant to teach Translation Studies courses to
ensure their ability to objectively assess the interpretations using evaluation grids. To the
best of the researcher's knowledge, the minimal sample size of assessors is not specified in

the methodological literature. According to Saldanha and O’Brien (2014), the sample size
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of assessors depends on time and financial constraints, but a greater number ensures a
higher reliability of judgments. As was noted in the literature review, previous studies
typically employed between three and six raters. Based on the results of the pilot study
where three participants were sampled, it was decided to increase the number to ensure a
sufficent number of evaluations. Thus, five assessors were sampled for the final Master’s
thesis. This number was selected to balance methodological rigor with practical feasibility.
While a larger sample might increase reliability, it would also complicate data collection
and processing, especially given the time-consuming nature of both quantitative scoring
and qualitative feedback. A sample of five assessors ensured a reasonable level of
reliability while keeping the evaluation process manageable. However, it is acknowledged
that with a small sample, inferential statistics must be interpreted cautiously. Thus, effect
sizes (Cohen’s d) were reported alongside p-values in the results chapter to provide greater
insight into the magnitude of observed differences. Inter-rater reliability was calculated in
the Jamovi statistical program (Jamovi Project, 2024) to ensure the consistency and
reliability of participants’ judgments. Permission to distribute recordings and assessment
scales among sampled assessors was received from the Research Committee of the School
of Liberal Arts of Maqsut Narikbayev University. The informed consent forms explaining
the research purpose, voluntariness, and confidentiality was provided and signed by the
participants, as attached in Appendix C.
Data Collection Tool

The main data collection instrument was the quality assessment scale. Thus, the
primary step was to adapt or create the grid in accordance with the research context and
literature review. There are many different forms of quality assessment scales, but the
research used analytical score-based scale which is quite reliable and objective since it

implies specific criteria description to be followed when grading (Han, 2021; Lee, 2015),



reducing possible subjectivity, as was described in the literature review. The created scale
attached in Appendix A was based on the nine most important quality criteria of
simultaneous interpreting, adapted from Zwischenberger (2010). As mentioned in the
literature review chapter, the criteria descriptions were summarized from the related
studies of Han (2021), Lee (2008), Lee (2015), Liu (2013), Nadir (2017), Shang (2021),
Wang et. al (2015), but rewritten in a succinct and concise manner. Each criterion could be
assessed from one to four points and the maximum total score is 36. The scale also
contained a specific column for notes, as adapted from Lee (2015). In this part, assessors
wrote possible errors, inaccuracies, etc., when listening to the interpretations.
Data Collection Procedures

Data collection consisted of three steps. The first step was to develop the
assessment scale, as was described in the previous paragraph. The next step was to collect
machine interpreting. The machine interpreting session required at least two devices. The
first device was a laptop which played the original video fragment in the Yandex browser
with activated machine interpreting function. The second device was an audio recorder to
tape machine interpreting output. This setup minimized the risk of audio overlap, system
interference, or data loss that could occur if both playback and recording were performed
on the same device. By separating input and output functions, the method prevented
possible technical issues. The third step was assessment collection. The sampled assessors
received six original video fragments, six machine interpretations, and six human
interpretations as well as printed or digital assessment scales. The assessors needed to
carefully listen the both versions of interpretation for each original fragment, read the
criteria descriptions, and following them, evaluate the performance. However, as
mentioned in the methodological literature, there was a chance that assessors ignored the

score descriptors and grade based on personal subjective beliefs (Han, 2021; Saldanha &
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O’Brien, 2014). Moreover, there was a possibility that not all assessors used a column for
notes, identified mistakes, and inaccuracies. To address these issues, as recommended by
Han (2021) and Saldanha and O’Brien (2014), before collecting evaluation, debriefing
sessions were conducted with each assessor. They were explained how it is important to
strictly follow the score descriptions and make necessary notes in the special column. As a
result, the assessors complied with the requirements, and no violations of the assessment
procedures were found among sampled participants.

Data Analysis

The data analysis procedure consisted of three steps. First, the total scores of all
seven assessors were manually tabulated in the Jamovi statistical program version 2.4.14
(Jamovi Project, 2024) as continuous variables. Then, inter-rater reliability also known as
Interclass Correlation Coefficient (ICC) was calculated in Jamovi (Jamovi Project, 2024)
to analyze the consistency of grades. ICC served as a validity-checking tool by measuring
the degree of agreement among assessors, thus ensuring scoring reliability. As
recommended by Koo and Li (2016), this research conducted ICC test selecting two-way
mixed, average measure, absolute agreement which are relevant for such type of studies. In
accordance with the methodological literature, if the coefficient is greater than 0.5, the
raters reliability can be considered valid (Koo & Li, 2016). Typically, the closer the ICC to
1, the stronger reliability is (Koo & Li, 2016). The results of ICC indicated excellent
degree of reliability, as reported in the results chapter.

Secondly, the interpreters were tabulated in Jamovi (Jamovi Project, 2024) as
nominal variable with two categories (Al and Human) and the sub-scores for each criterion
were tabulated as continuous variables to conduct the independent sampled t-test. It
demonstrated the means of Al and human sub-scores to be compared. While the ICC

provided only general validity of the scores, inferential analysis, specifically the



independent-sample t-test, was applied to determine the specific differences between
human and machine interpreting scores. The results were analyzed and reported
descriptively with the focus on what specific criterion was assessed significantly higher
between Al and human, as reported in the next chapter. The analysis of the t-test was
supported by descriptive plots and tables from Jamovi (Jamovi Project, 2024).

The third step was analysis of the notes section. Thematic coding of qualitative
feedback was utilized to find the common themes in the assessors’ feedback. It
complemented the quantitative findings by providing contextual insights into recurring
patterns of error and the nature of specific mistakes. After careful reading, open codes were
highlighted. Since note-taking was involved where not all comments were clear, member
checking was used as a qualitative validity strategy to ensure clarity, as proposed by Patten
and Newhart (2017). Member checking validity strategy means that the researcher contacts
participants to confirm whether their responses were correctly understood and interpreted
(Patten & Newhart, 2017). Then, the open codes were summarized based on similarity into
axial codes. Axial codes were manually placed on the digital stickers in Canva blackboard
(Canva Pty Ltd, 2025) in order to identify and categorize them based on the common
patterns, i.e., what the most typical limitations are related to. The results indicated five
thematic codes. The analysis was supported by the example of the filled assessment scale
with highlighted open codes (Appendix D) and a screenshot with digital stickers where
axial codes were summarized into thematic codes (Appendix E).

Ethical Considerations

The ethical risks associated to this Master’s thesis were reduced as much as
possible. The study used publicly available human interpretations from the website where
no interpreters’ names were indicated. However, complete anonymity was impossible due

to the fact that their voices might still be recognized. Yet, the ethical implications are

40



41

minimal since the recordings are already in the public domain, and no evaluative
judgments were made about the interpreters themselves. Voices were not linked to
identifiable individuals beyond what is publicly accessible. Moreover, the study was
focused on limitations of machine interpreting and specific human interpreter output was
not openly criticized and speculated on in this paper. Before conducting the study,
permission from the Research Committee of the School of Liberal Arts of Maqsut
Narikbayev University was obtained as was mentioned above. The sampled assessors
received the informed consent form explaining the purpose, ensuring confidentiality, and
the right to withdraw at any time (Appendix C). Neither real names nor the information
about the participnts’ particular place of work was indicated to ensure confidentiality.
Debriefing sessions were conducted to meet any possible concerns and to explain all the
procedures. The collected assessment scales are stored in the passworded folder accessible
to the researcher only.
Summary

This chapter outlined the methodology used to assess the quality of machine-
generated interpreting compared to human simultaneous interpreting. A product-based
translation studies method for quality assessment was selected to achieve the research goal.
A mixed convergent methodology was applied to collect both quantitative scores and
qualitative feedback. The study involved five expert assessors who evaluated both machine
and human interpretations using a quality assessment scale. The materials selected for
evaluation included a range of complex audio fragments sampled from an open-access
website that stores UN agency meeting records. Assessors rated the interpretations based
on established criteria, providing both quantitative scores and qualitative feedback on
specific errors. Intraclass correlation (ICC) was calculated to assess rater reliability, while

an independent samples t-test was conducted to determine if there were significant



differences in the quality scores between machine and human interpretations. Additionally,
thematic analysis of the feedback sections complemented the quantitative findings by
identifying common error patterns and specific examples of mistakes. Ethical
considerations were adhered to throughout the research process, ensuring the highest
possible level of confidentiality. Ethical approval was obtained from the relevant body, and
informed consent forms were collected in accordance with established ethical procedures.
The next chapter presents the results of the data collection and analysis based on the

applied methodology described in this chapter.
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Results

With the rapid development of technological advancements, Al-driven interpreting
is gaining attention as a potential alternative to human simultaneous interpretation. This
study evaluates Yandex machine interpreting compared to human performance in the
English-Russian language pair, identifying key strengths and weaknesses based on expert
assessments. The purpose of this section is to present the quantitative and qualitative
findings based on the collected data from the sampled expert assessors. The findings
indicate that Al outperforms human interpreters in completeness and fluency of delivery
criteria but it lacks the nuance required for accurate context recognition, numerical
precision, and natural delivery quality as well as some other subtle factors. The chapter
consists of two main parts. The first is the quantitative findings including inter-rater
reliability and independent samples t-test results. The second is the qualitative part which
presents the results of thematic analysis of participants’ feedback. Altogether, these
findings provide valuable insights into the current state of machine interpreting and its
feasibility for professional use, as follows in the discussion chapter.
Inter-Rater Reliability

After all the participants filled in the assessment scales, total grades of each
assessor were tabulated as continuous variables in order to calculate interclass correlation
coefficient (ICC) which demonstrated inter-rater reliability and degree of agreement
among sampled five raters across six subjects. ICC estimates and their 95% confident
intervals were calculated using Jamovi statistical program version 2.4.14 (Jamovi Project,
2024) in Seolmatrics module (Seol, 2024) based on a mean-rating (k = 5), absolute-
agreement, two-way mixed-effects model, as recommended in the methodological
literature (Koo & Li, 2016). Table 2 and 3 demonstrate that ICC indicated excellent

reliability and agreement among the assessors for both Al and human outputs. First, [CC
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for the Al scores was calculated. The results indicated a high level of reliability as shown
in Table 1, ICC(3, k) = 0.938, 95% CI [0.403, 1.40] (Gamer et al., 2019). Thus, the
assessment results deemed to be highly reliable. Similarly, ICC analysis for human
interpreting scores was conducted to assess inter-rater reliability using the same
parameters. The results also indicated excellent reliability as demonstrated in Table 2,
1ICC(3, k) =0.900, 95% CI [0.359, 1.12] (Gamer et al., 2019). Therefore, the sampled
expert assessors were consistent and reliable in their judgements as evidenced by high ICC
value in both cases. Yet, the confidence intervals (CI) were quite wide suggesting some
variability in ratings, potentially due to the limited number of subjects and differences in
individual rater judgments (Gamer et al., 2019).

Table 2

Interclass Correlation Coefficient for AI Scores

Bootstrap confidence intervals of ICC agreement

95% CI
AN,
Value k 0.403) K 1.40)

Intraclass Correlation Coefficient(ICC)

Model Type Unit Subjects Raters /ICC>

twoway agreement average 6 5 \0,938

Note. The analysis was performed by 'irr::icc' function.

Table 3

Interclass Correlation Coefficient for Human Interpreters Scores

Bootstrap confidence intervals of ICC agreement

95% ClI

AN

Value ( 0.359 ) ( 1.12 )
Intraclass Correlation Coefficient(ICC)

Model Type Unit Subjects Raters / ICC
twoway  agreement average 6 5 \ 0.900

Note. The analysis was performed by ‘irr:zicc' function.
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Independent Samples T-test

As a next step, independent samples t-test was conducted in order to compare the
evaluation scores of Al and human interpretations across multiple criteria in six fragments
(N =30). As shown in Table 4 and 5 and descriptive plots below, the t-test results
demonstrated that Al was slightly better than humans in completeness, grammar and
intonation criteria and significantly better in fluency of delivery criteria. Human
interpreters, in turn, were a bit better than Al in consistency with original, logical cohesion,
terminology, style and native accent. Yet, there were very few cases of statistical
significance, as reported in the next paragraphs. Before analyzing the t-test results,
Levene’s test for equality of variances was examined. It was necessary to test the
assumption of homogeneity of variance using Levene’s test which is typically indicated in
the tables as Student’s test in Jamovi (Jamovi Project, 2024). For several variables,
Levene’s test was significant (p <.05), indicating a violation of the homogeneity
assumption. In these cases, in accordance with the common statistical procedures, Welch’s
t-test was reported instead of Student’s t-test, as reported in the next sections.
Criteria where AI Outperformed Humans

As indicated in the descriptive plot (Figure 4), Al scored significantly higher in
delivery fluency (M = 3.67, SD = 0.48) compared to human interpretations (M =3.17, SD =
0.59), with a mean difference of 0.50, #(55.6) = 3.595, p <.001, d = 0.928 (Table 4 and 5).
Al also performed slightly better in completeness criteria (M = 3.20, SD = 0.66) than
human interpretations (M = 3.00, SD = 0.53), though this difference was not statistically
significant, #(58) = 1.293, p = .201, d = 0.334, with a mean difference of 0.20 (Table 4 and

5). Since Levene’s test was not significant in both criteria, Student’s t-test was reported.



Figure 4

Descriptive Plot for Fluency of Delivery and Completeness Criteria
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Independent Samples T-Test
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Independent Samples T-Test

Human
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interpreter

Human

N

Statistic /p \ Mean diferen e SE difference Efffct Siz¥
consistency Student's t —-0.453 58.0 0.652 0.0667 0.1473 Cohen's d -0.117
Welch's t —-0.453 55.3 0.653 0.0667 0.1473 Cohen's d -0.117
logical cohesion  Student's t -1.939° 58.0 0.057 —0.3000 0.1547 Cohen's d -0.501
Welch's t -1.939 53.4 0.058 -0.3000 0.1547 Cohen's d —0.501
completeness Student's t 1.203% 58.0 0.201 0.2000 0.1546 Cohen's d 0.334
Welch's t 1.293 55.1 0.201 0.2000 0.1546 Cohen's d 0.334
terminology Student'st  -2.470° 58.0 0.016 -0.3000 0.1215 Cohen's d -0.638
Welch's t -2.470 56.5 0.017 -0.3000 0.1215 Cohen's d —-0.638
grammar Student's t 1.201° 58.0 0.235 0.1000 0.0833 Cohen's d 0.310
Welch's t 1.201 50.6 0.235 0.1000 0.0833 Cohen's d 0.310
style Student'st  -2.408° 58.0 0.019 -0.1667 0.0692 Cohen's d -0.622
Welch's t —2.408 29.0 0.023 -0.1667 0.0692 Cohen's d -0.622
delivery Student's t 3.595 58.0 <.001 0.5000 0.1391 Cohen's d 0.928
Welch's t 3.595 55.6 <.001 0.5000 0.1391 Cohen's d 0.928
intonation Student's t 1.460 58.0 0.150 0.2000 0.1370 Cohen's d 0.377
Welch's t 1.460 57.4 0.150 0.2000 0.1370 Cohen's d 0.377
native accent Student'st  -1.000° 58.0 0.321 0.0333 0.0333 Cohen's d -0.258
Welch's t —-1.000 29.0 .326 .033 0.0333 Cohen's d 0.258,

Note. Ha A # U Human

2 Levene's test is significant (p < .

05), suggesting a violation of the assumption of equal variances

|V
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Table 5

Group Descriptives of T-Test

Group Descriptives

N\ /N
Group N !\./ean\ Median /SD\ SE
consistency Al 30 3.50 4.00 0.630 0.1150
Human 30 3.57 4.00 0.504 0.0920
logical cohesion Al 30 3.47 4.00 0.681 0.1244
Human 30 3.77 4.00 0.504 0.0920
completeness Al 30 3.20 3.00 0.664 0.1213
Human 30 3.00 3.00 0.525 0.0959
terminology Al 30 3.47 3.00 0.507 0.0926
Human 30 3.77 4.00 0.430 0.0785
grammar Al 30 3.93 4.00 0.254 0.0463
Human 30 3.83 4.00 0.379 0.0692
style Al 30 3.83 4.00 0.379 0.0692
Human 30 4.00 4.00 0.000 0.0000
delivery Al 30 3.67 4.00 0.479 0.0875
Human 30 3.17 3.00 0.592 0.1081
intonation Al 30 3.57 4.00 0.504 0.0920
Human 30 3.37 3.00 0.556 0.1015
native accent Al 30 3.97 4.00 0.183 0.0333
Human 30 4.00 4.00 0.00! 0.0000

Additionally, Al performed slightly better in grammar and intonation as shown in
the descriptive plot below (Figure 5). Al interpretations in grammar (M = 3.93, SD = 0.25)
scored slightly higher than human interpretations (M = 3.83, SD = 0.38), but the difference
was not statistically significant, #50.6) = 1.201, p = .235, d = 0.310, with a mean
difference of 0.10 (Table 4 and 5). As well as in the previous criteria, Welch’s t-test was
used due to unequal variances. Similarly, in intonation criterion Al interpretations (M =
3.57, SD = 0.50) outperformed human (M = 3.37, SD = 0.56), though this difference was
also not statistically significant, #(57.4) = 1.460, p = .150, d = 0.377, with a mean
difference of 0.20 (Table 4 and 5). Levene’s test demonstrated equal variance in this

criterion, therefore, Student’s t-test value was used.
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Figure 5

Descriptive Plot for Grammar and Intonation Criteria

-

grammar
n
intonation

Al Human Al Human

interpreter interpreter

Criteria Where Human Interpreters Outperformed Al

T-test results demonstrated that human interpretations scored higher than machine
interpreting in logical cohesion, terminology, style, consistency with original and native
accent. The descriptive plot in Figure 6 and results in Table 5 indicated that human
interpretations (M = 3.77, SD = 0.50) scored higher in logical cohesion compared to Al
interpretations (M = 3.47, SD = 0.68), with a mean difference of -0.30 (Table 4 and 5).
However, this difference was not statistically significant, #53.4) =-1.939, p = .057,d = -
0.501 (Table 4). Since Levene’s test was significant, Welch’s t-test was used.

Figure 6

Descriptive Plot for Logical Cohesion Criterion
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Terminology scores, as indicated in the plot below (Figure 7), were significantly

higher for human interpreters (M = 3.77, SD = 0.43) than for Al (M =3.47, SD = 0.51),
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#(56.5) =-2.470, p = .017, d = -0.638, with a mean difference of -0.30 (Table 4 and 5).
Similarly, the plot below (Figure 7) indicates that human interpretations (M = 4.00, SD =
0.00) slightly outperformed Al (M = 3.83, SD = 0.38) in style (Table 5), #(29.0) = -2.408, p
=.023, d =-0.622, with a very small mean difference of -0.17 (Table 4). Again, Welch’s
test was used due to unequal variances in both cases. Remarkably, for both terminology
and style criteria, the difference was statistically significant, as indicated by p < .05.

Figure 7

Descriptive Plot for Terminology and Style Criteria
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The remaining criteria, including consistency with the original and native accent, showed
very minor differences between Al and human scores, with mean differences ranging only
from -0.10 to 0.20, none of which were statistically significant (p > .05). Thus, due to very
small difference between Al and humans, these two criteria were not reported in this
section.

The effect sizes (Cohen’s d) for the statistically significant comparisons reported
above ranged from -0.622 to 0.928, suggesting moderate to strong effects. Yet, despite few
cases of statistical significance, the small size of the sampled fragments and assessors does
not allow for relevant generalizations but rather provides indications for the general
performance of two types of interpreters (Al and human) as well as indicates effectiveness

of the chosen evaluation framework which demonstrated its reliability based on the ICC
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value. Additionally, generalization of results is practically irrelevant in the context of this
research paper even in the case of a large sample size and statistically significant p-value

due to the fact that machine neural translation networks used in Yandex are continuously

updated. Therefore, after each update the statistically significant results will not be longer
relevant.

To sum up the quantitative findings, Table 6 was prepared to show the winners in
the criteria where the highest mean score differences were found. For better understanding
in which particular aspects Al or humans outperformed each other, the table contains short
descriptions from the original assessment scale as attached in Appendix A given to
participants to guide their judgments more objectively. In accordance with quantitative
findings, human interpreters outperformed Al in terms of logical cohesion (coherence and
cohesion of interpretations), terminology (equivalence of terms and subject matter
nuances), and style criteria (idiomatic and relevant register and context). Al in turn,
outperformed humans in completeness (amount of conveyed information) and fluency of
delivery (diction, articulation, unfilled pauses). Thus, the table below reflects the key
quantitative findings with the focus on the criteria where the notable mean score
differences were found.

Table 6

Key Difference in AI and Human Interpretations

Criteria Descriptions from the assessment Al wins Human wins
scale
Logical Excellent coherence and cohesion of - 7
Cohesion the interpretation. No misleading or

redundant elements that might affect

the overall logic.
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Terminology

Highly accurate interpretation of the - J
specialized terminology, subject

matter nuances and subtleties while

ensuring consistent equivalence

between source and target language

terms

Completeness

The original content is conveyed in 7 -
full volume. Accurate rendition of
numbers, names, titles, as well as

minor details.

Fluency of

Delivery

Fluent pace of delivery with seamless -
diction and articulation. No distinct

time lags or (un)filled pauses.

Style

The register is fully appropriate to the - V4
context. All the expressions sound
completely natural, idiomatic and

stylistically relevant.

Thematic Analysis of the Feedback Section

After quantitative analysis in Jamovi (Jamovi Project, 2024), qualitative data was

analyzed. Qualitative results demonstrated more detailed information on human and Al

strengths and weaknesses, mistakes, and inaccuracies. As was mentioned in the

methodology chapter, the quality assessment scale consisted of two parts, numerical grades

and feedback, where raters left their comments. This column was carefully analyzed

qualitatively using thematic coding approach. The most meaningful pieces of information



were highlighted as open codes. After initial analysis 273 open codes were identified.
Afterward, open codes were connected into broader categories in 78 axial codes. All the
axial codes were copied, and inserted into digital stickers on the interactive blackboard in
Canva website (Canva Pty Ltd, 2025). Next, the stickers were united and categorized based
on their similarity and broader recurring themes. Appendix D demonstrates an example of
the filled assessment scale with highlighted open codes and Appendix E shows the
screenshot from the Canva board (Canva Pty Ltd, 2025) with the axial codes placed on the
stickers used for thematic analysis. These axial codes were categorized into five thematic
codes — major themes based on the most common trends identified from Al and human
outputs as presented below.
No Cognitive Limitations

The first theme was not directly related to a specific type of mistake but approaches
cognitive limitations among human interpreters which affected completeness and delivery
criteria. Most of the raters noted, that due to the natural cognitive constraints human
interpreters used different optimization strategies such as generalization, compression,
omission, etc. in order to keep up with the speed of delivery and regional accents.
Participants marked that machine interpreting did not experience any struggles related to
high speed of delivery irrespectively of strong regional accents and managed to convey
information fully with very few omissions, unlike human interpreters who tend to skip
details more often to reduce cognitive load. For example, most of the assessors consistently
noted that humans interpreted the term “unmanned aircraft systems” briefly as
“becnunomnux” instead of full the version “becnunommnvie asuayuonmnsie cucmemwl” to
optimize time in the Fragment 1 (Appendix B). The word “executive director” was
interpreted shortly as “ucrnon. oupexmop” instead of the full term “ucnornumenvuoiii

oupexmop” in the Fragment 3. Generally, humans often applied generalization, reduction
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or omission strategies instead of full terms or phrases and skipped less important details to
win more time and withstand cognitive burden. For example, in Fragment 3 the original
phrase “to provide some numbers that provide a sobering picture of the dimensions of the
problem” was shortly interpreted by human interpreter as “oceemums paznuunvle acnekmoi
amoti npodaemst”. In comparison, Yandex interpreted the fragments fully without using
any translation techniques or optimization, therefore resulting in slightly better
completeness of the original message.

Additionally, in very difficult fragments containing strong regional accents with
high WPM for example, in Fragment 6, assessors paid great attention to heavy sighs,
misarticulations, pauses and fillers among human interpreters. Thus, due to fatigue
resulting from significant cognitive load, humans performed worse in terms of
completeness and delivery. Unlike human interpreters, speech intensity and accents did not
affect the pace of delivery and completeness in Yandex output as was highlighted by the
participants. This topic identified from the thematic analysis resonates with the quantitative
results presented above where Al scored higher in completeness and fluency of delivery
criteria compared to human interpreters who conveyed less amount of information,
misarticulated some words, and used filled and unfilled pauses. Interestingly, it also aligns
with the previous studies in other language pairs as presented in the discussion section.
Lexical and Grammatical Redundancy

The second theme identified from the thematic analysis was the logical
consequence of the first theme. Since machine interpreting did not experience any human
factors such as cognitive constraints, fatigue, etc. and conveyed the full message, its
interpretations occasionally sounded lexically and grammatically redundant. Most of the

assessors highlighted that machine interpreting was too comprehended and overloaded,
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unlike human interpretations which were more succinct, concise and optimized. For
example, Yandex provided the following interpretation in the Fragment 6:
B npowwnom 200y mosi cmpana npunsna Ho8blll 3aKOH, HOCAWULL NONPABKU 8
HayUuoHaIbHOe 3aKOHO0AMeNbCME0 0 OOpbbe ¢ He3AKOHHBIM 060POMOM
HapKOMU4ecKux cpeocma u NCUXomponHsix 6ewecms, 86e0s HAyUuOHAIbHYIO
KAACCUDUKAYUIO HAPKOMUYECKUX CPeOCE U NCUXOMPONHBIX 8eljeCms, KOmopas
OyO0em 0onoaHAmMb MEHCOYHAPOOHYIO KNACCUDUKAYUIO 3aNPEUjeHHbIX 8euecms, U
071 b0pbOBI ¢ pacnpocmpaneruemM HapKOMuUK08, MAaKux Kax npe2adanrun u
Mpamaoo., KOmopwvie UCHONb3YIOMCA 8 MEOUYUHCKUX YeJIAX, HO MO2YM Gbl3b18AMb
3a8UCUMOCMb ) NOOPOCTKOB U MOLOOEMHCU.
Such endless sentence was grammatically and lexically redundant and was difficult to
comprehend for the assessors. Yandex interpreted this fragment straightforwardly without
reduction or omission of repetitive elements such as “nmapromuueckux cpeocme u
ncuxomponuwix geuwgecms’ which should better be omitted when repeated several times. In
comparison, human interpreters divided this sentence in several parts and made it sound
easier for comprehension. Most of the assessors marked these significant limitations of
machine interpreting in their comment section and opted for human interpreting options
over Yandex’.
Failed Interpretation of Numbers
The third theme is the most critical one since it presents the very serious type of
mistake. Despite the fact that Yandex interpreted more completely, it misinterpreted almost
all the complex numbers higher than 1,000 as was marked by the participants. For
example, Yandex interpreted the utterance “in 7000 miles away” as “g 7 muusax omciooa”
instead of the correct “6 7000 munsx omciooa” in the Fragment 2. Additionally, the number

“44,000 Palestinians” in Fragment 4 was interpreted as “44 [larecmunya” which was also
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completely irrelevant in the opinion of the assessors. One more example was when the
original utterance in Fragment 3 “in addition to more than 45,000 people from Libya” was
misinterpreted by Yandex as “omo nmoou cmapwe 45 nem u3z Jlusana” which was incorrect
and entirely changed the meaning of the sentence as was noted by the participants.
Similarly, the fragment “with the vast majority, more than 130,000 people” was interpreted
as “noodasnsarowee uucno mooeti cmapue 130 1em” in Fragment 3 which was not just
incorrect but also completely illogical, therefore disrupting the overall consistency with the
original message, participants reported. Interestingly, this finding contradicts the previous
studies in the same or different language pairs where most of the numbers were
successfully recognized and correctly interpreted by the machine interpreting tools. This
significant type of mistakes might be explained by the fact that machine neural networks
use cascading system, as was mentioned in the literature review. Possible explanations for
such serious disadvantage and discussions on discrepancies with the previous studies are

presented in the next chapter.
Unnatural Delivery

Further analysis of participants’ feedback showed some delivery issues. A common
view amongst assessors was that machine interpreting often sounded very unnatural and
even unpleasant. In spite of the fact that machine interpreting scored higher than human
interpreters in fluency of delivery — primarily due to clearer diction, articulation, and the
absence of filled pauses — this advantage was limited to technical aspects. As previously
reported, human interpreters, under extreme cognitive load, occasionally misarticulated
words and used fillers, leading to lower scores. For example, human interpreters
misarticulated the following words: “moorc(e) camoe”, “racarowux(cs)”, “‘y 6cex

nysrcoarowux(cs)” in the Fragment 5 and 6. Trying to keep up with the flow and pronounce

as many words as possible, they lost the endings “cs”. Unlike Yandex’s output, human



interpreters also filled the pauses with such fillers as “emm” or “ahh” in Fragments 2 and
5. As a result, the scores for fluency of delivery were lower among human interpreters as
was explained in their feedback section.

Nevertheless, all expert assessors expressed the opinion that Al-generated speech
was much worse than human outputs in terms of general perception since it was too
monotonous and robotic. Moreover, Yandex's robotic voice lacked necessary word stresses
and failed to emphasize key phrases, affecting the overall tone. For instance, when
interpreting enumerations in Fragment 6, Yandex did not use appropriate intonation,
making the list sound like separate, disjointed sentences, which disrupted logical flow. One
more example of unnatural delivery and disjointed sentences was in Fragment 4 where the
original excerpt “we also echo the call for the resolution issued by the recent extraordinary
Arab Islamic Summit to mobilize international support to suspend Israel's participation in
the UN General Assembly” was interpreted by Yandex as “Mws1 maxoice npucoedunsiemcs k
NPU3bI8Y pe30nIoYUY NPUHAMOU HA HEOABHEM YPE3BbIYALIHOM apadbo-UCIAMCKOM cammume.
Mobunuzosams mexcOyHapoOHy0 no00epicKy 0l npuocmanosienus yuacmus Mspauns 6
meponpusmuu. Cobpanue”. Irrelevant segmentation of one sentence into several unrelated
ones as well as lack of intonation and robotic voice altogether resulted in extremely
unnatural delivery precepted unsatisfactory by the assessors.

Another instance of unnatural delivery was the case when machine interpreting
failed to reflect grief and sadness in its interpretation, as was marked by Assessor 4 in
Fragment 3. When the original speaker reported the number of victims and deaths in the
Middle East, in the opinion of the expert participant, it was necessary to reflect a certain
degree of grief in voice but machine interpreting sounded too positive for such a tragic

message.
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To sum up, this finding partially contradicts the quantitative results where Al
outperformed humans in delivery criterion. However, more detailed analysis of the
feedback section demonstrated that the assessors scored Al higher only in terms of better
articulation and absence of pauses. Detailed qualitative analysis of participants’ feedback
demonstrated generally worse delivery due to unnatural robotic and unpleasant voice in
machine interpreting. It also lacked word stresses to highlight keywords or phrases and

struggled with correct segmentation of sentences leading to disrupted logical flow.

Irrelevant Context Recognition

Finally, a recurrent theme in the assessment sheets was a sense amongst
participants that machine interpreting occasionally struggled in context recognition and as
a result, sometimes misinterpreted certain terms. Raters indicated, that Yandex
misrecognized the UN context in Fragments 2, 4 and 6. As a result such term as “Madame
President” was interpreted as “I'ocnoowca Ilpezudenm’ which was inaccurate in the given
context where “president” did not refer to “npeszudenm” but “npeoceoamens”. One more
example was the context of Israeli-Palestine relationships which was also not fully
recognized by Yandex in Fragment 4. Consequently, Yandex interpreted the utterance
“implementation of two-state solution” as “peanuzayus pewenus o 08yx cocyoapcma”
instead of “0syxeocyoapcmeennoe pewenue” which was a significant inaccuracy in the
given context. Formally, these terms were interpreted correctly, however, in the given
context such interpretation sounded less appropriate and inequivalent, as expressed by the
participants. This type of inaccuracy aligns with the quantitative results where Al mean
scores in terminology criterion were lower compared to human interpreters. Thus, due to
worse context recognition Yandex interpreted some of the terms inaccurately.

To sum up the qualitative findings, deeper analysis demonstrated that the most

common mistakes and inaccuracies were related to inability of machine interpreting to
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optimize and reduce redundant elements, wrong segmentation of sentences and irrelevant
interpretation of numbers, ineffective context recognition leading to less appropriate word
choices, and unnatural delivery. Yandex produced more complete interpretations and,
unlike human interpreters, did not struggle with high speed or strong accents. While human
interpreters occasionally misarticulated words or omitted less critical information using
various interpreting strategies, Yandex maintained a more fluent pace. However, this led to
grammatical and lexical redundancy, making its output overloaded and difficult to
comprehend. The most critical issue was misinterpretation of numerical data, distorting the
original message. Additionally, Yandex struggled with context recognition, leading to less
accurate word choices and terminological inconsistencies. Participants also perceived its
robotic, monotonous voice negatively, noting a lack of word stress and improper sentence
segmentation.
Summary

To sum up the chapter, the findings revealed complementary strengths and
weaknesses in human and machine interpretations. Inter-rater reliability analysis showed
excellent agreement among assessors, confirming the reliability of the evaluations.
However, the wide confidence intervals pointed to some variability in rater judgments,
likely due to the limited sample size. Quantitative findings indicated that human
interpreters significantly outperformed Al in logical cohesion, terminology accuracy, and
stylistic appropriateness, whereas Al demonstrated superior performance in completeness
and fluency of delivery. Qualitative analysis supported these findings, uncovering
strengths such as more complete and clear machine interpretation due to absence of typical
human cognitive constraints and persistent issues in machine output such as
misinterpretation of numbers, lexical and grammatical redundancy, lack of contextual

sensitivity, and unnatural delivery patterns. The next chapter interprets and explains the

58



findings reported in this chapter, provides answers to the research questions as well as

discusses how the results align or contradict the existing literature in this field.
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Discussion

The present study was designed to determine the quality of machine interpreting in
comparison to the traditional human interpreting in the English-Russian language
combination. It was aimed to reveal the strengths and weaknesses of machine interpreting
output quality in comparison to traditional human interpreting as well as to find to what
extent machine interpreting is competitive, what are the comparative advantages and
common error patterns. A mixed method approach applying quality assessment method
was selected to meet the research goal and answer the research questions. Five expert
assessors with strong background in conference interpreting and teaching translation
studies courses were invited to listen and assess six original audio fragments in English
with corresponding interpretation in Russian produced by Yandex neural networks and
human interpreters. Analytical score-based assessment scale with criteria descriptors and
four-fold evaluation system was distributed among the participants to assess the outputs
and provide constructive feedback. Before data analysis procedures, inter-rater reliability
test was conducted to evaluate the consistency of grades and reliability of judgments.
Quantitative t-test and qualitative analysis provided meaningful results sufficient to answer
the research questions. Thus, the purpose of this chapter is to interpret the results and
answer the research questions as well as to connect the results with the relevant literature
in this field. The first section summarizes and interprets the results and explains possible
reasons for the identified mistakes and inaccuracies. The second section provides the
answers the research questions. The third section discusses how the results agree or
contradict the previous studies in this field. The chapter is summarized in a concluding

paragraph with the main discussion insights.
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Interpretation of Findings

The findings highlight distinct strengths and weaknesses in both human and Al-
generated interpretations. Inter-rater reliability demonstrated excellent agreement among
assessors proving relevancy of the provided assessments. Therefore, the sampled expert
assessors were consistent and reliable in their judgments as evidenced by high ICC value.
Yet, the confidence intervals (CI) were quite wide suggesting slight variability in ratings
and indicating some uncertainty in case if the same study will be repeated multiple times. It
might be explained by the relatively small number of subjects and differences in individual
rater judgments altogether resulted in wider intervals (Gamer et al., 2019). A bigger sample
of the speech fragments might potentially solve this limitation in future studies.
Independent-sample t-test was conducted to compare the difference of mean scores
between human and Al performance. Quantitative analysis showed that human interpreters
outperformed Al in logical cohesion, terminology, and style, while Al excelled in
completeness and fluency of delivery and slightly in grammar and intonation. Qualitative
analysis further reinforced these trends, highlighting AI’s struggles with sentence
segmentation, numerical accuracy, and context recognition. Although machine
interpretations were more complete and free from different human factors, they often
included redundant elements and unnatural phrasing, making them harder to follow. In
contrast, human interpreters occasionally omitted less critical information but employed
strategies that ensured coherence and appropriateness. Additionally, Yandex’s robotic
delivery and lack of prosody negatively impacted overall perception. These differences
indicate that machine interpreting produces more fluid and uninterrupted speech but lacks
the nuanced cohesion and contextual adaptation achieved by human interpreters. Thus,

there are both positive and negative sides of machine interpreting output.
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Interestingly, quantitative and qualitative results are interrelated and reflect each
other in terms of the possible explanations of the results. Explanations of some of the
quantitative findings were found during the qualitative analysis where participants
reflected on the interpreting outputs. For example, much better performance of humans in
terms of logical cohesion might be explained by the fact that Yandex struggled with
segmentation of long sentences and context recognition, as was found in the thematic
analysis. Unlike humans who have critical thinking and context awareness, Yandex
machine interpreting sometimes divided long excerpts into shorter sentences improperly
while the word choices were occasionally irrelevant in the given contexts. These
inaccuracies affected overall logical flow which was sometimes interrupted in Yandex
machine interpreting. Likewise, worse performance in terms of terminology and style
where statistically significant difference in the mean scores was found, might also be
explained by the challenged context recognition. Since the context of some of the speeches
was recognized improperly, the terminological choices and stylistic devices were less
precise and not as idiomatic as in humans’ outputs. One more explanation for the disrupted
logical flow in the MI’s outputs is wrong interpretation of numbers in almost every
fragment. Participants significantly reduced the marks for Yandex in the logical cohesion
criterion in the fragments where thousands were inappropriately interpreted as decimals.
This trend was observed in many fragments and cannot be accepted as an occasional
inaccuracy. False interpretation of numerical data is a significant mistake which
undermined the original message of the sentences and interrupted the logical flow causing
misleading conclusions. Such a mistake can be explained by the typical limitations of the
cascading system as was explained in the literature review. Cascade means that there are
several steps of machine interpreting when the original speech is converted into text, then

translated and finally voiced-over. Perhaps, at some stage of the cascade the neural



networks removed “extra” zeros in the numbers, for example 4,700 people in Fragment 3.
By removing these zeros, the result was 4,7 people which was completely wrong. Yet, it
does not explain the fact that the original speakers clearly mentioned the word “thousands”
but still was misinterpreted by Yandex. More empirical tests are needed to determine
whether this issue is an inherent flaw in Yandex or merely a temporary system bug.
Additionally, it was found that machine interpreting excelled in such criteria as
completeness and fluency of delivery. It means that the original content was conveyed
fuller and more complete by Yandex rather than by humans. Assessors indicated that
machine interpreting had almost seamless diction and articulation, without distinct time
lags or pauses, unlike humans’ performance. This finding might be explained by the fact
that humans, in contrast to machine neural networks, have inherent cognitive limitations
and such human factors as fatigue, stress, etc., due to which interpreters use different
techniques and strategies to reduce the cognitive burden. For example, the thematic
analysis demonstrated that humans tend to use generalization, reduction, omission and
other optimizations. In contrast, Yandex did not apply any optimizations and often adhered
to literal word-by-word interpretation. As a result, it provided more complete and fuller
machine interpretations. Similarly, in case of very rapid speeches and strong regional
accents, humans struggled to withstand the speed and keep up with the flow. It led to
misarticulations, filled pauses and exhales of fatigue. Yandex, on the other hand,
successfully handled even the most complicated fragments, recognizing strong accents
irrespectively of high speed of delivery. Therefore, Yandex outperformed humans in terms
of completeness and fluency, and withstood speed and accents better since it does not have
inherent human factors. This finding marks a significant advantage of machine interpreting

over humans.
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However, it was also found that machine interpreting was often lexically and
grammatically redundant. Yandex sometimes provided complex sentences difficult for
comprehension often with unnatural phrasing. This drawback might be explained by literal
and word-by-word precision of machine outputs aligning with the previous finding. Since
Yandex provided more complete interpretation, it sometimes resulted in cumbersome,
overly explicit sentences that hindered comprehension due to its redundancy. Unlike
human interpreters, who purposely omit or rephrase information to maintain clarity and to
reduce the cognitive load, Yandex retained every element of the source speech,
occasionally overloading the original message. MI’s difficulty in distinguishing between
essential and supplementary information contributed to unnatural phrasing. This rigid
adherence to exhaustive interpretation, while beneficial for completeness, ultimately
diminished comprehensibility and made the interpretation hard to follow. It means that in
simultaneous interpreting it is better to avoid redundancy and optimize comprehensive
information instead of maintaining exact word-by-word accuracy. Human interpreters,
unlike AT understand better how it is crucial to ensure a balance between completeness and
clarity, allowing the audience to process the information more effectively.

Lastly, it was found that although Yandex performed better in terms of fluency of
delivery, overall perception of machine output by the participants was negative. Robotic,
monotonous, emotionless voice and absence of necessary word stresses were identified as
significant drawbacks of machine interpretation. It means that human audience preferred to
listen other humans with lively voice, natural rhythm and prosody rather than synthetic and
monotonous voice of Al even though it was much better in terms of completeness and
fluency. Moreover, occasionally improper sentence segmentation means that Yandex
struggles to navigate through long sentences with interrupted intonation, resulting in

irrelevant division of excerpts into smaller phrases. Furthermore, the lack of emphasis on
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keywords and phrases in Yandex’s output contributed to difficulties in extracting meaning,
as stress patterns served as important cues for highlighting essential information. Without
these elements, speech can feel lifeless and disconnected from the communicative intent,
leading to lower engagement. These results suggest that future improvements in machine
interpreting should not only focus on linguistic accuracy but also on enhancing the
naturalness and expressiveness of synthesized speech to make Al-generated interpretations
more pleasant and engaging for listeners.

To sum up, both human and machine interpretations exhibited unique advantages
and limitations. Table 7 below provides a visual summary of the results’ interpretation
discussed in this section, illustrating how the qualitative findings reflect and support the
quantitative results. Based on the interpretation of findings provided in this section, the
next section answers the original research questions.

Table 7

Visual Summary of the Results’ Interpretation

Criterion Quantitative Results Qualitative Results

Logical Cohesion Al <Human Wrong interpretation of numbers and
illogical segmentation of sentences by

Al

Completeness Al > Human Information was conveyed fuller and
more complete by Al. Humans
occasionally omitted less critical
information while Al preserved all the

details.
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Terminology Al < Human Less equivalent vocabulary of Al in
comparison to humans due to worse

context recognition.

Grammar Al> Human General grammar in Al output is
slightly better. Yet, there are
grammatical, lexical redundancy and
overloaded sentences in Al outputs
while humans optimized complex

sentences using different strategies.

Style Al < Human Stylistic devices of Al are less precise
and not as idiomatic as in humans’

outputs in the given context.

Fluency of Al > Human Al has almost seamless diction and

Delivery articulation, without distinct time lags
or pauses, unlike humans who struggled
to withstand the speed and accents. Yet,
AT’ has unnatural robotic delivery and

lacks prosody.

Intonation Al > Human Al has slightly more persuasive tone as
compared to humans, but there is
monotonous, emotionless voice and
absence of necessary word stresses in

Al output.
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Answers to the Research Questions

Summarizing the key findings of this study it is possible to answer the research
questions. The first question was: How does the performance of Al-driven machine
interpreting in the English-Russian language pair measure up against human
interpreters? With respect to the first research question, statistical analysis revealed
significant differences. The independent-sample t-test showed that human interpreters
achieved higher mean scores in logical cohesion, terminology, and style, whereas machine
interpreting performed significantly better in completeness and fluency of delivery. These
results indicate that while Al-generated interpretations provide sufficiently accurate and
relevant output for communication, they remain inferior in areas requiring more nuanced
linguistic choices. Thus, it was found that Al-driven machine interpreting in English-
Russian language pair competitively measures up against human interpreters providing
adequate and relevant output sufficient for successful communicative event. On one hand,
it is increasingly competitive with human interpreters, excelling in completeness and
fluency of delivery but on the other hand, it lags behind in logical cohesion, terminology
accuracy, and stylistic appropriateness.

The second research question was: What are the typical mistakes and limitations in
Al-driven machine interpreting in the English-Russian language pair? The most prominent
mistakes and inaccuracies include misinterpretation of numerical data, robotic unnatural
delivery and occasionally irrelevant context recognition resulted in imprecise terminology
usage in context-sensitive scenarios. Additionally, Al-generated outputs tend to be
lexically and grammatically redundant, struggle with sentence segmentation and correct
prosody leading to hindering comprehension. Its inability to distinguish essential from non-
essential content and its failure to apply prosodic features diminish the overall listeners

perception. While machine interpreting handles high speed of delivery and regional accents
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successfully, in some cases even better than human interpreters, it still lacks clarity and
cohesion as compared to humans. These findings suggest that while machine interpreting
has clear advantages, further improvements are needed to enhance context recognition,
speech optimization and segmentation, numerical accuracy, and natural delivery.
Therefore, this thesis states that machine interpreting is potentially feasible for professional
use since it produces adequate output sufficient for effective communicative event.
However, it remains overall inferior to human interpreters in some aspects crucial for high-
level events. The study underscores the evolving nature of Al-powered interpreting tools,
indicating that while they may not yet be suitable for high-stakes settings, they offer
valuable support for less demanding tasks. Compared to the previous studies in this field,
there are both significant improvements and some contradictions as presented in the next

section.

Alignment and Contradiction to the Literature

The results chapter demonstrated interesting findings to some extent aligning with
the reviewed literature, yet contradicting in some areas. The literature review chapter
highlighted AI’s challenges with high speed, strong accents, speech disfluencies, and
context recognition. Studies across various language pairs revealed occasional errors in
automatic speech recognition, a tendency toward literal translation, and poor context
recognition. Based on this, the literature review suggested that Yandex would perform well
with clear, straightforward speech but struggle with more complex cases involving accents,
misarticulations, and high speed. However, as discussed in this chapter, the findings of this
study both align with and contradict prior research, reflecting improvements in machine
interpreting output. Yandex successfully handled even very complex speeches with high
speed of delivery and strong regional accents. MI produced generally satisfactory and

overall adequate output comparable to human interpreters with several exceptions where



serious disfluencies and mistakes were found. Thus, this section presents how these results
align or contradict to the existing literature.

Some of the findings align with existing literature on similar topics. For example,
Liu (2023) and Fantinuoli and Prandi (2021) concluded that interpreters' cognitive
limitations can negatively impact information completeness, especially due to fatigue,
stress, and other human factors — an area where Al-powered tools tend to perform better.
The results of this thesis support these conclusions, demonstrating that Al notably
outperforms human interpreters in terms of information completeness and precision.
Compared to Al, human interpreters often generalize source information to keep up with
speed and manage cognitive load, which can result in the omission of certain details, as
observed in this study and in the research of Fantinuoli and Prandi (2021). While humans
strive to convey the key message explicitly, their output may lack the precision of Al-
powered tools, which translate every unit of information without optimization. However,

both this study and Liu and Liang (2024) highlight that MI’s strict adherence to the input

language for the sake of precision frequently results in overly literal and confusing outputs.

In this paper, this tendency led to grammatical and lexical redundancy. Additionally,
ineffective context recognition — another major limitation of MI was emphasized by Liu
and Liang (2024) and is consistent with the findings of this study as well. Fedorova (2023)
marked that human interpreters comprehend meaning better, accurately detecting subtle
nuances in subtext and intonation, and, when necessary, correct the speaker's errors or
hesitations — something which MI is still unable to do as was also found in this study. As
was concluded by Sarmanova (2022), on the technical side the main issues of machine
interpreting are related to speech recognition while on the communicative side, systems
struggle with context and fail to interpret implicit information, such as speaker attitudes

and emotions. Generally, this thesis supports this statement since the similar results were
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found in terms of ineffective context recognition and nonverbal cues in delivery. On the
other hand, technical side has notably improved since this study did not find any serious
mistakes related to improper speech recognition.

Therefore, the findings of the present study partially contradict some of the

previous research. It signals the remarkable improvements in machine interpreting over

time and the impact of technological updates on the overall quality of machine interpreting.

For example, Belenkova (2019) also tested quality of Yandex and found very low lexical
and grammatical validity of the tested tool which failed in almost every semantic segment.
It was found that some parts were not interpreted by Yandex at all (Belenkova, 2019)
which is completely opposite to the present results where Yandex neural networks
demonstrated high completeness and general adequacy in most of the criteria.
Additionally, Sarmanova (2022) summarized in her study that some of the key mistakes
were caused by the regional accents, spontaneous, rapid and misarticulated speech which
are not always recognized by Al correctly. However, the present study also contained quite
difficult speeches with regional accents and high speed of delivery. Nevertheless, Yandex
managed to recognize the accents and successfully interpreted the original messages
keeping up the rapid delivery, sometimes even better than humans. Thus, it might be
suggested that thanks to the continuous technological updates, machine interpreting has
significantly improved its performance in terms of ASR, high speed and accents
recognition. This improvement may be attributed to continual algorithmic enhancements
that are not reflected in earlier studies. These discrepancies highlight a time lag in the
literature, as much of the existing research relies on already outdated versions of machine
interpreting systems that no longer reflect current performance capabilities. Yet, despite
significant machine performance improvements as compared to the previous studies, the

existing literature does not explain the fact of misinterpreted numbers in the given sample
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of speeches. The previous studies of Sarmanova (2022) and Fantinuoli (2017)
demonstrated very accurate recognition of all the numbers with up to 99% accuracy. It
contradicts the present findings where almost all the complex numbers were
misinterpreted, most likely due to mistakes in the cascading system Yandex applies, as was
explained in the previous sections. Thus, it requires more attention in the future studies to
monitor the further improvements.

Interestingly, some literature predicts that machines will be able to interpret on the
same level as human interpreters just in few years. For example, Ray Kurzweil (1999) in
his book “The Age of Spiritual Machines” forecasted that machine interpreting will
become daily routine by 2029. However, he also noted that while such technologies
already exist, they remain limited in adoption, as they are unsuitable for situations
requiring meticulous attention to nuances. The same point was made by Carl and Braun
(2017) seven years ago. Both Kurzweil (1999) and Carl and Braun (2017) believed that
machine interpreting might be still unacceptable in high-stakes situations. This Master’s
thesis generally supports these claims, as the results showed adequate and relevant
machine interpretation which nevertheless is inferior to humans in some aspects making it
still unsuitable for high-level events where accuracy is critical and errors carry significant

consequences.

Summary

To conclude the chapter, the findings demonstrate that while machine interpreting
has made significant advancements, it remains a tool with distinct strengths and
limitations. Machine interpreting excels in completeness and fluency, successfully
handling rapid speech and strong accents without cognitive fatigue. However, its
challenges with logical cohesion, context recognition, numerical accuracy, and prosody

hinder its ability to fully replicate the nuanced of human interpretation. Despite noticeable
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improvements in machine interpreting technology, human interpreters continue to
outperform in key areas that require critical thinking, adaptability, and contextual
awareness. The study underscores the continuous development of Al-powered interpreting
tools, suggesting that while they are not yet ideal for high-stakes professional settings, they
can serve as useful aids for less complex tasks. These findings align with some existing
research while also revealing contradictions, particularly in areas where Al has
demonstrated unexpected strengths, such as handling complex accents and rapid delivery.
Ultimately, while Al-powered interpreting tools are increasingly competitive, they are not
yet a complete substitute for human expertise. The next and final chapter concludes this
thesis, discussing broader implications, future research directions, study limitations, and

practical significance.
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Conclusion

This Master’s thesis was underpinned by the existing problem that research on
interpreting technologies is still in its early stages, particularly for the English-Russian
language pair, where only a few studies have explored this area. As a result, there is a lack
of understanding on how competitive machine interpreting tools are compared to human
interpreters, as well as their specific advantages and limitations. While some studies have
examined the future of English-Russian interpreting in the context of technological
advancements, they have not empirically assessed the latest Al systems developed for
interpreting automation. Therefore, this timely study meaningfully contributes to an
underexplored area underscoring the need for a deeper understanding of the typical output
of machine interpreting tools. The purpose of this Master’s thesis was to evaluate the
quality of machine interpreting in comparison to human interpreting in the English-Russian
language pair. The research problem stemmed from the limited research on machine
interpreting technologies, particularly regarding their competitiveness, advantages, and
typical limitations in this language combination. Addressing this gap, the study focused on
assessing the overall performance of machine interpreting, identifying the strengths and
weaknesses, and determining how it is relevant as compared to human interpreters. Quality
assessment research method combining quantitative and qualitative analyses was used to
provide a comprehensive evaluation. The study employed an analytical score-based quality
assessment framework, inviting expert assessors to listen six original English audio
fragments and evaluate the corresponding Russian interpretations produced by Yandex’s
neural networks and human professional interpreters as sampled from the UN Web TV
website. Five expert assessors with extensive experience in conference interpreting and
teaching were invited to analyze the output based on predefined quality criteria, ensuring a

structured and objective evaluation. An inter-rater reliability test was conducted to confirm



high consistency among assessors, and a t-test was applied to find the statistical differences
in the mean scores between human and machine interpretations. The adopted
methodological approach generated the findings outlined in the next section.
Findings Outline

Quantitative findings revealed that human interpreters outperformed machine
interpretation in such aspects as logical cohesion, terminology accuracy, and stylistic
appropriateness. Machine interpreting, however, excelled in completeness and fluency of
delivery. Statistical significance was observed in criteria such as terminology, style, and
fluency of delivery. Yet, the generalizability of the quantitative findings is limited by the
relatively small sample size and the evolving nature of machine interpreting tools, which
are regularly updated, making the results relevant only for a short timeframe. Further
qualitative analysis uncovered specific mistakes and critical weaknesses in machine
interpretations. Thematic analysis of the participants’ feedback revealed five major topics.
The most common issues included ineffective context recognition, misinterpretation of
numerical data, unnatural delivery, and excessive redundancy in phrasing. Yandex often
failed to optimize sentence structures, leading to an overloaded output that reduced
comprehensibility. While MI managed to maintain a steady pace and showed resilience to
strong accents or high-speed speech, it struggled with sentence segmentations, nuanced
lexical choices and terminological inconsistencies. Assessors also highlighted its robotic
voice and lack of natural prosody as a major drawback, making it less effective for
professional communication settings.

Overall, the research successfully achieved the purpose, provided a detailed quality
assessment analysis of machine and human interpreting and answered the research
questions comprehensively, as provided in the previous chapter. The findings align with

existing literature while also revealing contradictions, particularly in areas where machine
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interpreting has shown unexpected strengths, such as handling complex accents and fast-
paced speech more effectively than human interpreters and much better than it was
anticipated. While previous studies suggested Al would struggle with misarticulations and
rapid delivery, this study demonstrated improvements in machine interpreting technology.
Nevertheless, the persistent weaknesses, such as contextual accuracy, numerical precision,
etc. reinforce the view that machine interpreting remains unsuitable for high-stakes events
where accuracy is paramount. The study contributes to the growing body of research on
machine interpreting, emphasizing the need for further technological advancements and
ongoing human oversight in professional settings. The next paragraph outlines the specific
contributions this study makes to the existing body of knowledge.
Contribution to Knowledge

This study offers several novel contributions to the field of interpreting studies.
Most notably, at the moment of writing and to the best of the researcher’s knowledge, it
presents the first empirical quality assessment of Yandex’s machine interpreting in the
English—Russian language pair, thereby addressing a significant gap in current research
body. Furthermore, this study contributes to the field by developing a tailored assessment
scale for simultaneous interpreting quality, addressing the long-standing absence of a
universally accepted evaluation framework. By offering a replicable quality assessment
framework adapted based on the existing prominent studies (Han, 2021; Lee, 2008, 2015;
Liu, 2013; Nadir, 2017; Shang, 2021; Wang et al., 2015), it advances efforts toward more
consistent and transparent quality assessment. Future research could utilize this framework
to assess interpreting quality in diverse settings, contributing to a more standardized
approach in evaluating simultaneous interpretation. Additionally, the findings challenge
prevailing assumptions by identifying unexpected strengths in MI performance,

particularly in the accurate rendering of accented speech with high speed of delivery, thus



evidencing significantly improved output of machine output as compared to the previous
studies (Belenkova, 2019; Fantinuoli & Prandi, 2021; Liu, 2023; Liu & Liang, 2024;
Sarmanova, 2022). Finally, the study extends and nuances the previous works on this topic
by Belenkova (2019), Fantinuoli and Prandi, (2021), Sarmanova (2022), Liu and Liang
(2024), and others, offering updated empirical evidence that corroborates, refines, and
questions earlier claims about the low efficacy and reliability of MI systems. Given this
contribution, the next section explores the real practical implication of the study,
considering the potential application of machine interpreting and limitations in real-life
professional settings.
Practical Implications

The findings of this study have significant practical implications valuable for all
stakeholders in the interpreting market, including Al developers, professional interpreters,
clients relying on interpreting services, and the academic community. The identification of
recurring errors in Al-generated machine interpretations, particularly in terminology
accuracy, style consistency, and fluency, highlights areas requiring targeted improvements
in machine learning models. Thus, developers should focus on refining terminology
databases and enhancing contextual adaptation mechanisms to improve Al performance,
especially in specialized domains. The findings regarding less pleasant and unnatural
delivery suggest recommendations that future improvements in machine interpreting
should not only focus on linguistic accuracy but also on enhancing the naturalness and
expressiveness of synthesized speech to make Al-generated interpretations more pleasant
and engaging for listeners.

For professional conference interpreters, these findings offer valuable practical
insights into the extent to which Al-generated interpretations can be considered

comparable or competitive to human performance. As Al continues to evolve, interpreters
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must stay informed about its capabilities and limitations, particularly in areas where human
expertise remains superior, such as nuanced contextual adaptation and complex discourse
management. Understanding AI’s strengths and weaknesses can help interpreters position
themselves in a rapidly changing market and leverage technology where appropriate.

For clients and end users of interpreting services, the study provides a clearer
picture of AI’s practical applicability. Given the observed limitations in fluency,
terminology precision, stylistic coherence, and others, users must carefully assess whether
machine interpreting meets their specific needs or whether human interpretation remains
the preferred option in high-stakes or linguistically complex settings.

This study also carries theoretical significance and is beneficial for the academic
community. As was mentioned in the previous section, the refined assessment scale has the
potential for broader practical application in future research, serving as a structured tool for
evaluating simultaneous interpretations. Its applicability extends beyond the current study,
allowing for further quality assessment analysis in different contexts and languages.
Despite the valuable practical implications, this study entails several limitations as
presented in the next section.

Limitations

While this study provides valuable insights into the quality of machine
interpreting, several limitations must be acknowledged. The key limitation is the relatively
small sample size, which restricts the generalizability of the findings. A larger dataset,
encompassing a wider range of interpreting contexts and more fragments for consideration,
would enhance the reliability of future studies. Additionally, the study's timeframe was
constrained by the frequent updates of machine interpreting tools, meaning that the results

reflect a specific technological stage rather than long-term trends.
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Another limitation concerns the nature of the utilized machine interpreting tool.
The issue of latency was not considered in the present research since Yandex provided
interpretation based on the pre-recorded videos which did not allow to measure the degree
of delay in seconds. As a result, the findings do not fully reflect the challenges Al might
face in live interpreting scenarios. Furthermore, this study was primarily focused on the
quality of the produced output without taking into account the users’ satisfaction which
should be a focus of future research.

Finally, the selected methodology presents certain constraints. Although the
assessment framework was carefully adapted from existing research, expert assessors’
evaluations involved a certain degree of subjectivity. This is an inherent limitation of the
selected methodology. While efforts were made to ensure consistency, minor variations in
judgment may have influenced the results. In light of these limitations, several
recommendations for further research can be identified to address the existing gaps in
knowledge.

Recommendations for Future Research

This thesis underscores the importance of continued empirical research in Al
interpreting. As machine interpreting tools evolve, their capabilities and limitations will
shift, necessitating ongoing assessment. Building upon the identified limitations, future
research can provide valuable insights by addressing several areas for improvement. First,
larger datasets should be employed, encompassing a broader range of interpreting contexts
and more audio fragments to enhance the reliability and generalizability of the findings.
Additionally, conducting longitudinal studies would help track machine interpreting
performance over time and assess the effects of technological advancements.

Future studies should also focus on Al tools designed for professional, real-time

commercial use, particularly addressing latency in live interpreting scenarios. This would
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provide a more accurate understanding of their applicability and competitiveness in real-
world environments. It is also recommended to examine users’ satisfaction alongside
output quality to present a more holistic view of machine interpreting effectiveness.

In terms of refining the evaluation framework, future research could simplify
some criteria utilized in this study to streamline the assessment process without sacrificing
analytical depth, thereby improving efficiency and reducing the time-consuming process of
assessment. Building on the limitations and recommendations discussed, the next and final
section offers original reflections and suggestions aimed at advancing the discourse on
machine interpreting and its future development.

Suggestions

As Al continues to evolve, its role in simultaneous interpreting will likely expand,
raising important questions about its reliability and practical applicability. While this study
highlights both the strengths and limitations of machine interpreting, it also underscores
the need for continuous research and industry awareness. Based on the findings, this thesis
argues that machine interpreting tools are not yet capable of fully replicating human
expertise, however, with ongoing advancements, Al could become a valuable tool in
specific contexts, such as assisting human interpreters or providing low-cost solutions for
less critical communication needs. To ensure responsible development and implementation
of machine interpreting, collaboration between researchers, developers, and industry
professionals is essential. Future research should prioritize large-scale empirical studies
that will test professional machine interpreting tools, evaluate real-time interpreting
conditions, and take into account users’ perception. Additionally, ethical considerations
surrounding AI’s role in interpreting, including issues of accountability and quality

assurance, should not be overlooked.
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Ultimately, the question is not whether Al will replace human interpreters but
rather how it can be integrated effectively while maintaining high-quality communication.
By fostering critical discussions and empirical research, the interpreting field can better
prepare for the evolving landscape of human-Al interaction, ensuring that technological

advancements serve rather than disrupt the profession.
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Criteria Band score with description Comments / Feedback
(Please, read carefully and mark the most appropriate score based on the criteria (Please, indicate the
descriptions) identified mistakes,
inaccuracies, general
impression both positive
and negative or any
other notes emerged
during the assessment)
Content-related criteria
Consistency 4 3 2 1
with the The message in the | The message inthe | The message inthe | The message in the
original interpretation is the | interpretation is interpretation is interpretation is
same as in the similar to the slightly different inconsistent with
original speech. original speech. from the original the original speech.
Accurate rendition The main ideas are speech. Not all the Few main ideas are
of all the main conveyed, though main ideas are preserved and the
ideas and details. minor details are conveyed and most of the details
No unjustified missed. There significant number are missed. There
additions, might be slight of details are are numerous
omissions or unnecessary missed. There are unjustified and
substitutions. additions, notable unnecessary | unnecessary
omissions or additions, additions,
substitutions. omissions or omissions or
substitutions. substitutions.
Logical 4 3 2 1
cohesion Excellent The interpretation Adequate Low coherence and
coherence and is coherent and coherence and cohesion of the
cohesion of the cohesive, though cohesion of the interpretation due
interpretation. No insignificant interpretation, but to significant
misleading or deviations that the overall logic is deviations that
redundant elements | might affect the affected due to compromise the
that might affect overall logic are some misleading or | overall logic.
the overall logic. present. redundant elements.
Completeness 4 3 2 1
The original Substantial amount | About a half of the Small portion of
content is conveyed | of original content original content is the original content
in full volume. is conveyed, effectively is conveyed.
Accurate rendition including the most conveyed. Some Frequent omissions
of all the numbers, important numbers, | numbers, names, of both major and
names, titles, as names, titles, etc., titles, etc. are minor information.
well as minor though minor omitted. Most
details. details are omitted. minor details are
missed.
Form-related criteria
Terminology 4 3 2 1
Highly accurate Quite precise Contextually Specialized
interpretation of the | interpretation of the | appropriate terminology is
specialized specialized interpretation of the | interpreted
terminology, terminology. specialized incorrectly. There
subject matter Equivalence terminology, but is no equivalence

nuances and
subtleties while
ensuring consistent
equivalence

between source and
target language
terms is overall
preserved, yet some

the equivalence
between the source
and target language
terms is low.

between source and
target language
terms and subject
matter nuances and
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between source and

subject matter

Subject matter

subtleties are

target language nuances and nuances and disregarded.
terms. subtleties might be subtleties are
unaddressed. largely overlooked.

Grammar 4 3 2 1
Interpretation is Interpretation is Interpretation is Interpretation
grammatically overall acceptable, but contains critical
correct. All the grammatically contains markable grammatical errors
sentences are correct and all the grammatical and incomplete
complete and clear. | sentences are inaccuracies or sentences.

Target language complete. Minor incomplete Interpretation
grammar structure inaccuracies or sentences. Some contains a lot of
sounds natural. slightly unnatural source language source language
target language grammar structures | grammar patterns
grammar structure are preserved in the | which sound
are possible. target language and | unnatural in target
sound unnatural. language.

Style 4 3 2 1
The register is fully | The register is The register does Inappropriate
appropriate to the appropriate and not fully correspond | register and a great
context. All the overall corresponds | to the context. number of
expressions sound to the setting, but Significant number | unnatural and
completely natural, | few expressions of expressions unidiomatic
idiomatic and might sound sound unnatural, expressions result
stylistically slightly less unidiomatic, in a serious
relevant. idiomatic, natural resulting in stylistic | mismatch between

or stylistically errors. the source and
consistent. target language
styles.
Delivery-related criteria

Fluency of 4 3 2 1

delivery Fluent pace of Overall fluent pace | Acceptable pace of | Slow pace of
delivery with of delivery with a delivery, but diction | delivery. Unclear
seamless diction few cases of and articulation diction and
and articulation. No | slightly unclear leave some room articulation
distinct time lags or | diction or for improvement. throughout the
(un)filled pauses. articulation. Markable (un)filled | interpretation.

Minimal or no pauses and time lag | Notable time lags,
(un)filled pauses. disrupt the flow. prolonged
Acceptable time (un)filled pauses.
lag.

Intonation 4 3 2 1
Very confident and | Overall confident Little voice Unconfident and
persuasive voice. and persuasive confidence with monotonous
Highly appropriate | voice. There are notable signs of voice. Limited or
use of stress to slight inaccuracies hesitation. Key inappropriate use
emphasize in appropriate points are stressed of stress to
important points. stress of the key inconsistently or emphasize key
Steady rhythm points or minor inappropriately. points. Rhythm is
throughout the rhythm Rhythm is irregular, with
interpretation. intermittency. somewhat steady, frequent

but with occasional | disruptions in flow.
disruptions.

Native accent 4 3 2 1
Flawless native- Overall native-like Generally Non-native accent
like pronunciation. pronunciation with | understandable significantly

No signs of a
foreign accent.

a very subtle sign
of a foreign accent.

pronunciation, but
foreign accent is
obvious.

deviating from the
target language
pronunciation
norms.
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Appendix B
Transcripts of Video Fragments

Fragment 1:

English:

Thank you, mister president. I have a right speech in front of me now and apologies for its length. As
Chair of the Security Council Committee established pursuant to resolution 1373 (2001) concerning
counter-terrorism, [ have the honour to brief the Council on key aspects of the work of the Committee,
supported by the Counter-Terrorism Committee Executive Directorate (CTED). The past year has seen
a continued evolution of threats and challenges posed by terrorist activities across the globe. The
terrorist threat from Da’esh and Al-Qaida, respectively, remains concentrated in conflict zones, where
fragilities are more easily exploited, even though counter-terrorism measures have effectively been
mitigating their activities elsewhere. Their respective terrorist activities in the Middle East, Asia and
Africa have become more decentralized and are often framed by local dynamics. As technologies have
become cheaper and easier to access, terrorist groups have become increasingly adept at exploiting
them, including by planning and conducting attacks with unmanned aircraft systems.

Russian:

B xagectBe IIpencenarens Komurera CoBera be3omacuocTu, yupexxaeHHoro pesomtonueit 1373 (2001)
0 0opBOE ¢ TEPPOPU3MOM, S UMEIO YeCTh KpaTKo pouH(popMupoBaTh COBET 0 BAXXHEHIINX aCIEKTaxX
paboter Komurera, ocyniecTBiseMoil ipu noaaepxke McrnomHurensHOro aupekropaTa
Kontpreppopuctraeckoro komuteTa (MIKTK). [Ipomreammuii romx 03HaMeHOBAJICS HETIPEPHIBHBIM
Pa3BUTHEM YTPO3 U MPOOIIEM, HCXOIAIINX OT TEPPOPUCTUUECKOH NEATENBHOCTH MO0 BCEMY MHUPY.
OCHOBHBIMH UCTOYHUKAMU TEPPOPUCTUUYECKOHN yrpo3sl, ucxoasameit ot JAUII u « Ans-Kanasr», no-
MIPEKHEMY SIBIISTIOTCS] 30HBI KOH(IIMKTOB, T]IE JIeTYe UCTIOIh30BaTh HECTAOMIBHOCTD B CBOHX IIEIISIX,
IIPU TOM, 9TO KOHTPTEPPOPUCTHUECKHE MePhI 3 (HEKTUBHO CHUKAIOT JIEATENIbHOCTh ATHX OpraHU3aIuil
B IPYTHX peruoHax. Mx teppopucTuyeckas AeareqbHOCTh Ha bimkaem BocToke, B Azuu u Adpuke
COOTBETCTBEHHO MpHOOpera OoJiee MENeHTPAITN30BaHHBINA XapaKTep U YacTO ONpeNesieTcs pa3BUTHEM
coOpITHi Ha MecTax. [1o Mepe yaemneBneHns TEXHOIOTHI ¥ YIIPOIICHUS K HUM JTOCTyTIa
TEPPOPUCTHUECKHE TPYIIITUPOBKU CTAIM BCe 00JIee YMENIO UX HCIIOJIb30BaTh, B TOM YMCIIE TUIAHUPOBATh
1 TIPOBOJIUTH TE€PAKTHI C MPUMEHEHNEM OCCIIMIIOTHBIX aBHAITMOHHBIX CHCTEM.

Fragment 2:

English:

Jared Cohen 142 WPM

It is a privilege to appear before the Security Council today. This meeting follows a crisis that
happened 760 days ago, 7,000 miles away. It has largely faded from the headlines, but today is an
important reminder of the ongoing plight of the Afghan people and continuing crises around the world.
We all remember when Kabul fell to the Taliban. Hundreds of thousands of Afghans were put at risk.
Most of them had nowhere to go, and a significant portion of the world’s countries closed their doors.
But a few countries opened them up, including some represented around this table today. I remember at
the time talking to journalists, philanthropists, and a number of world leaders, asking what could be
done. Overnight, that group formed what could only be described as a multisectoral, multinational
network of goodwill. It was Sheikh Mohammed bin Abdulrahman bin Jassim Al-Thani, then Foreign
Minister of Qatar and now Prime Minister, who mobilized his country. Qatar evacuated, resettled, and
transported tens of thousands of Afghan women, girls, and civil-society leaders to safety. Sheikh
Mohammed and his team did so with extraordinary attention to detail, and his staff worked through
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some extreme diplomatic complexities, as well as physical risks on the ground, to achieve those goals.
After the evacuations, the then President of Iraq, Burhan Salih, brought hundreds of Afghan university
students to the American University of Iraq in Sulaymaniyah. And in bringing those hundreds of
students to Irag, he managed to ensure that while the Taliban occupied their university campus, those
students missed not more than two weeks of school. Prime Minister Edi Rama of Albania personally
greeted Afghan refugees on the tarmac in Tirana. He transformed some of the country’s crown jewels,
its precious resort towns, into new homes so that Afghans could rebuild their lives. I want to thank
Albania for championing humanitarianism through its presidency of the Council and thereafter. Those
are just a few examples of the people and countries that stepped up two years ago. Around the world,
countless chief executive officers (CEOs), as well as individuals with no business interests and no
connections, covered planes, resettlement, living expenses, and so much more. | think the fact that I
last addressed the Security Council more than a year ago as an executive at Google and that today, a
year later, I am addressing it as an executive at Goldman Sachs, is just one small point that shows the
breadth of private-sector commitment to humanitarian assistance and crisis response. What happened
in Afghanistan was nothing short of a tragedy, and in many respects represented humankind at its
worst, particularly considering that young girls are now no longer allowed to go to school. But
responses such as those I have mentioned were a reminder to me, and I hope to everyone in the
Chamber, that such moments can also bring out the best of humankind and what we can all achieve
together. That is why I am here today. The task of crisis response is growing much more urgent. The
world is facing the greatest moment of geopolitical uncertainty in more than two decades, perhaps
since the Cold War. But we cannot let humanitarian crises become even more geopoliticized than they
already are. The mission of this body is the maintenance of international peace and security. Many of
today’s crises would look fairly familiar to the leaders who founded the Council 78 years ago —
pandemics, food shortages, floods, and of course the tragic 6.8 magnitude earthquake that occurred in
Morocco just last Friday. Other challenges are much newer — cyberattacks, climate change,
disinformation and misinformation, and even lethal drugs such as fentanyl. And it is no secret that
Russia’s war on Ukraine and the competition between great Powers are making the Council’s objective
that much more challenging.

Russian:

i mens Ooinpinast yecTh BRICTYNaTh cerofs B CoBere bezonmacHocTr. JT0 3aceqaHue MOCBSIIEHO
MOCJIEICTBUSIM Kpu3uca, mpousorenmiero 760 nuet nazan 3a 7000 munb otcroga. CpeicTBa MaccoBOit
UH(QOPMAINHK yKe MIPAKTUIECKHU 3a0blIH 00 3TOM UCTOPUH, HO CETOHSIIHEE 3aCeIaHNE — ITO BasKHOE
HaIlOMMHAHHUE O TSDKEJIOM I0JIOKEHUHU apraHCKOTO Hapoa U O MPOAOJDKAIOLIMXCS KPU3UCax [0 BCEMY
MHUpY. MBI Bce MOMHHM, Kak TanuObl B3suin KaOyi. [Ton yrpo3oit okazanack >KU3Hb COTEH THICSY
a¢rannes. bonbIMHCTBY U3 HUX OBIIO HEKyAa OeXaTh, U 3HAUNTENbHAs YacTh CTPAaH MUPA UX HE
npuHuMaina. OIHaKO HECKOIBKO CTPaH OTKPBUIN UM CBOU JIBEPU — B TOM YHUCIIE CTPAHBI,
NpeACTaBICHHBIE CETOIHS 32 STHM CTOJIOM. [IoMHIO, Kak Tor1a 00IIacs ¢ )KypHaIIUCTaMH,
OJaroTBOPUTEISIMH U PSIZIOM MUPOBBIX JIMJEPOB U CIIPALIMBAJ, YTO MOKHO cllesiaTh. B oqHOYacke 3Ta
rpynma copMrpoBaja To, YTO MOXHO Ha3BaTh MHOTOOTPACIEBOI 1 MHOTOHALMOHAJILHON CEThIO
€AMHOMBIIIIEHHUKOB, ICHCTBYIONIMX B AyXe A00poit Bomu. MenHo meiix Myxammen 0en AOnenb
Paxman Gen [xacem Anb TaHu, KOTOPBIN 3aHMMaN B TO BPEMSI IOJDKHOCT MUHUCTPA HHOCTPAHHBIX
nen Karapa, a HpIHE HAXOAUTCS Ha MTOCTY IPEMbEP-MUHHUCTPA, TOOYANI CBOIO CTpaHy AEHCTBOBATS.
Yeumsimu KaTapa Obu1r 3BaKyHpOBaHbl, IIEPECEIECHBI U IEPEBE3EHBI B 0€30I1aCHOE MECTO IECSITKH
ThICSY aTaHCKUX JKEHIIWH, AEBYIIEK U JHISPOB rpaxkaanckoro odmiectsa. Lleiix Myxammen u ero
COTPYAHUKH MPOAETAIHN 3Ty paboTy C UCKIIOYUTEIbHBIM BHUIMaHUEM K AETaNISM, U ATl JOCTHKEHUS
9THUX LEJIeH UM MPHUIIOCH IMPEOI0JIETh YPE3BEIUATHBIE TUIIOMAaTHYECKUE CIIOKHOCTH, a TAKKE
¢usndeckue prucku Ha Mectax. [locie sBakyanuu Toraamunid npe3uaeHT Mpaka bapxam Canex momor
COTHSIM araHCKUX CTYAEHTOB MonacTh B Vipak u BO30OHOBUTH yueOy B AMEPUKaHCKOM YHHUBEPCHUTETE
Upaka B CyneiiMmanuu. biaropaps ero ycunusiM Ha NpOTSKEHUH TOTO BPEMEHH, [TOKa TaTHuObI
OKKYITHPOBAJIA KOMILJIEKC YHUBEPCUTETA, I'/I€ YUUIIUCh 3TH CTYAEHTBI, OHHU MIPOITYCTHIIM JIMIIb JIBE
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Heenu 3ausaTuid. [Ipembep-MuHucTp Anbanuu a4 Pama j1udHO MPUBETCTBOBAN a)raHCKUX OCKEHIICB
B a’ponopty B TupaHe, BCTPETUB UX MPSMO BO3JIE MpU3EeMIMBIIErocs camonera. OH mpeBpaTHl
HEKOTOPBIE U3 IVIABHBIX JOCTOSHUN CTpaHbl — AParoleHHbIe KypOpPTHbIE roposaa AnOaHNM — B HOBbIE
JoMa Juisd araHIeB, 9TOOBI OHU MOTJIM 3aHOBO MTOCTPOUTH CBOIO JKM3HB. S X0uy 1mo01aroapuThb
Anbanuio 3a TO, YTO OHa OTCTaMBaET WICH TYMaHNU3Ma BO BpeMsl CBOETo IpeaceaarenscTBa B CoBere u
B IIOCJICAYIOIIUI Teprol. DTO JHIIb HECKOIBKO IPUMEPOB JIIOJIEH U CTpaH, MPOSBUBIINX
CONTUIAPHOCTH JIBa Tofa Hazaf. [lo Bcemy Mupy OecuncieHHOe MHOXKECTBO PYKOBOAMTENEH BBICIIIETO
3BCHA, a TAKXKC JIMI, HC UMCIOIUX HUKAKHX ACJIOBBIX UHTECPECOB U CBSI3€I>1, IMOKPBIBAJIN paCXodbl
adraHIeB Ha MIEPEJIETH, Iepee3l, IPOXKUBaHNE U MHOTroe Apyroe. [lo Moemy MHEHHIO, TOT (akKT, 4To B
nocaenHui pas s BeicTynan B CoBete besonmacHocTu 6onee rosa Hazaz B Ka4eCTBE OJHOTO U3 YJICHOB
pyxoBozcTBa kKomnanuu '['yri', a ceromns, Toj CIycTs, 5 BBICTYIal0 B Ka4eCTBE OJTHOTO U3 YJIECHOB
pykoBoactBa komnanuu 'T'onaman Cakc', SIBISETCS JIMIIb OJHUM U3 HEOOIBIINX CBUIACTEIBCTB TOTO,
HACKOJIBKO MacIITa0HOM SBISIETCS] IPUBEP)KEHHOCTh YaCTHOTO CEKTOpa Jely OKa3aHUsI TyMaHUTAPHOU
MTOMOIITK ¥ pearupoBaHus Ha KpU3HUCHL. To, 9T0 pon3onuio B Adranucrane, — 3TO HE YTO UHOE, KaK
Tpareaus, KOTopasd BO MHOTHUX OTHOLICHUAX MMPOACMOHCTPHUPOBAJIa XY JUIYIO CTOPOHY 4CJIIOBEYCCTBA,
0COOEHHO € YYETOM TOT'0, YTO TEIEePh AEBOYKAM 3alpelieHo Mocemars mKkoiay. OTHaKo OTBETHBIE
Mepbl, HOAOOHBIE TEM, O KOTOPBIX 5 YIIOMSHYJI, IOCTYKHUJIM AJIS1 MEHS U, HAJICIOCh, JIs BCEX
MPUCYTCTBYIOIIMX B 3TOM 3aJIC HAIIOMWHAHUEM O TOM, YTO TAKHUEC MOMCHTBI MOTYT TaKK€ IMO3BOJIUTH
BBISIBUTB JIy4IlIME CTOPOHBI YEJIOBEUYECTBA M PACKPHITH Halll 00ImMii moTeHuan. IMeHHo mosTomy s
BBICTYTIAIO 37IECh CEroAHs. Borpoc pearnpoBaHusi Ha KpU3KUCHI CTAHOBUTCS Bce OoJiee HaCyIHbIM. Mup
MIEPEKUBAET NEPUOJT CAMOI CEPbE3HON MEONOIUTHYECKON HEOIPEIETICHHOCTH 3 MTOCJIEIHUE JBa
JECATUIIETHSI — BO3MOKHO, CO BPEMEH XO0JI0JHON BOMHBI. OJJHAKO MBI HE MOXEM JIOMYCTUTD €Il1e
OoJbLICH TEONONUTH3ALUN T'YMaHUTAPHBIX KPU3UCOB. Muccreil JaHHOTo opraHa sBJsieTcs
noJiIepKaHne MEXTyHapOJHOTO MUpa U O0e30macHOCTH. MHOTHE U3 COBPEMEHHBIX KPU3HCOB
NoKa3ajuch Obl nuaepam, ocHoBaBmrM CoBet 78 JieT Ha3all, TOBOJIBHO 3HAKOMBIMU: TIAHJCMUH,
HEXBaTKa MPOAOBOJILCTBUS, HABOJHEHHUS 1, KOHEYHO XK€, TParn4eckoe 3eMiIeTpsceHre CHiIou B 6,8
Oasuta, mpou3oLIeIIee B IPOLLTYIO MATHUIY B Mapokko. [[pyrue npobiaeMbl BO3ZHUKIN TOpa3io
NO3Ke: KuOepaTaky, N3MEHEHHE KIIMMaTa, pPacpoCcTpaHeHHE 1e3nH(POPMAIIUH U JIOKHOH
MHQOpPMAINH, a TAKKe Aa)e MpoJaka TAKMX CMEPTENIFHO OMACHBIX MPernaparoB, Kak ¢pentanmwi. He
CEKpeT, 4TO BoitHa Poccuu Ha YKpanHe U CONepHUYECTBO BEIUKHX JIEPXKaB JENAt0T JOCTHKEHNE
neset, crosmmx nepex CoBeToM, ere 0oJiee CIIOKHON 3amadueii.

Fragment 3:

English:

I would like to express the appreciation of the Office of the United Nations High Commissioner for
Refugees (UNHCR) for this opportunity to brief the members of the Security Council and other invited
participants on critical issues relating to the protection and human rights of refugees and migrants
involved in irregular sea movements from North Africa to Europe.

As a front-line humanitarian agency — and despite our advocacy, assistance and other efforts with
States to alleviate human suffering — we continue to bear witness to the tragedies of lives lost at sea
and on land routes with no end in sight. Please bear with me, Mr. President, while I provide some
numbers that provide a sobering picture of the dimensions of the problem. Between January and
August of this year, it is estimated that more than 102,000 refugees and migrants attempted to cross the
central Mediterranean Sea to Europe from Tunisia alone, a 260 per cent increase compared to last year,
in addition to more than 45,000 people from Libya. Some 31,000 people were rescued at sea or
intercepted and disembarked in Tunisia, in addition to 10,600 in Libya. Departures from Algeria were
more limited, with almost 4,700 arrivals in Spain by August, an increase of 18 per cent compared to
last year. In addition, a total of 3,700 people were rescued or intercepted by the Algerian authorities
during the same period, a 68 per cent increase from last year. In total, between January and 24
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September some 186,000 people reached Southern Europe by sea — in Italy, Greece, Spain, Cyprus
and Malta with the vast majority, more than 130,000 people, arriving in Italy, an increase of 83 per
cent compared to the same period in 2022.

By 24 September, more than 2,500 people were accounted dead or missing in 2023 alone. That number
represents a two-thirds increase over the total of 1,680 people for the same period in 2022. Lives are
also being lost on land, away from public attention. The journey from West Africa, or from the eastern
Horn of Africa, to Libya and onward to points of departure on the coast, remains one of the most
dangerous in the world. Refugees and migrants travelling along the land routes from sub-Saharan
Africa risk death and gross human rights violations at every step. The high departure rates in Tunisia
result from perceptions of insecurity among refugee communities, following incidents of racially
motivated attacks and hate speech, as well as collective expulsions from Libya and Algeria. That is
taking place in a broader context of the deterioration in the security situation of several countries
neighbouring North Africa, triggering more secondary movements, with land arrivals and asylum-
seeker registrations in Tunisia seeing a marked increase this year.

Russian:

51 xotena OBl BEIPAa3UTh MPHU3HATEIHHOCTH Y ITpaBlieHUI0 BepxoBHOTO KOMuIccapa OpraHu3aiuu
O6nenunennpx Hamwmii o nenam 6exxenneB (YBKDB) 3a npegocraBineHHy0 MHE BO3MOXKHOCTh
nponHpopmuposats wieHoB CoBeTa be3omacHOCTH U IpyTrUX NPUTTIALICHHBIX YYaCTHUKOB O KpaiHe
Ba)KHBIX aCIIEKTaX, KacaIOUINXCs 3aIlIUThHI U TIPaB YelloBeKa OeKEeHIIEB 1 MUTPAHTOB, BOBJICUEHHBIX B
HeJleTaNbHYIO TiepenpaBky 1mo Mopio u3 CeBepHoit Adpuku B EBporny.

Kak paboraromas Ha MecTax TyMaHUTapHasl CTPYKTypa Mbl, HECMOTPSI Ha IPOBOIUMYIO HAMHU
WHPOPMAIMOHHYIO paboTy ¥ OKa3bIBaEMYIO MIOMOIIL H HECMOTPSI Ha APYTUE YCUIIHSA,
MIpeaIpUHUMAaeMble COBMECTHO C TOCYAAPCTBAMH B LIEJSIX OOJIETYEHHUS YeJI0BEUECKUX CTPaJaHui,
NPOJIOJDKAEM CTAaHOBUTHCS CBHJIETEISIMU BCE HOBBIX CITy4aeB TparmuecKoil rudenu Jitojieil Ha Mope 1
Cyllie, KOTOpPBIe OYAYyT MPOI0JKATh MPOUCXOAUTE B 0003pUMOM Oy IyIIeM.

I'-u [Ipencenarens, nponry Bac 3amacTuch TepneHHEM, MOKa s MPUBETY HEKOTOPHIE U PHI,
HEOOXOJMMBIE IS OJTyueHHs 0OBEKTUBHOTO TIPEJICTABICHHS 0 MaciTabax nmpoodnemsl. CoriaacHo
OILIEHKaM, B IIEPUO/JI C STHBAps MO aBryCT 3TOr0 roja U3 OJHOro JIMIIL TyHHCca MONBITKY MONAacTh B
EBporry mo mapmipyTy uepes neHTpaibHyIo 9acTs CpennzeMHOro Mops npeanpuasiu 6onee 102 000
OeXKEeHIIEB 1 MUTPAHTOB, 4TO Ha 260 poIeHTOB O0JIbIIIe, YeM B IIPOIIUIOM Toay, a u3 Jlusun — GoJee
45 000 genoBek. CriaceHbI B MOPE WJIN K€ TIepexBaueHbl M BhICakeHb! B TyHHce OblIn mpuMepHO 3 1
000 uenogek, a B Jlusuu — 10 600 yenosek. M3 Amkupa B MyTh OTHPAaBUIOCH MEHBIIIE JIIOJEH — K
asrycry B Mcnanuto mpuoOsin moutH 4700 denmoBek, 9To Ha 18 mporieHToB O0bIle, YeM B IPOIILIOM
roxay. Kpome Toro, 3a TOT ke nepuo/1 alKHUPCKUMU BIACTAMU ObUTH CIIACEHBI WM MTEPEXBAUYEHBI B
o0mieit cinoxuaocTr 3700 yenmoBek, 4To Ha 68 MPOILEHTOB OOJIbINE, YEM B IPOILIOM TOIY.

Bcero 3a epuon ¢ staBaps mo 24 ceHTAOPS MOPCKUAM ITyTeM B cTpanbl FOxHoM EBporsl — B MTanwro,
I'pennto u Mcnanuto, a Taxke Ha Kunp n Mansty — npu6summ okoso 186 000 yenosek, npuuem
oIaBIIsIIoNIee OOMBIIMHCTBO U3 HUX — Oosee 130 000 uenoBek — B Mtanuto, uto Ha 83 mporeHTa
OoJpIe, YeM 3a aHaJorudHbI ieprona 2022 roxa.

3a 2023 roj 1o COCTOSIHUIO Ha 24 CEHTSAOPSI COUTEHBI MOTUONIMMY U MTPONABIIUMHE 0e3 BecTH Ooiee
2500 yenoBek. ITo Ha JBe TPeTH OOJbIIE, YeM 3a TOT ke nepuof 2022 roaa, KOraa COOTBETCTBYIOMINI
noka3zatens coctaBwi 1680 yenosek. Jlroau ruOHYT 1 Ha cyIile, OJJHAKO MUP 3TOTO HE 3aMedaeT.
MapmpyT u3 cTpaH 3anagHoi AGpUKA WM BOCTOYHON JacTh AdpukaHckoro Pora B HammpaBieHIH
JluBuwm, a 3aTeM pacroiIOKEHHbBIX Ha MOOEpPEeXbe MyHKTOB OTIIPABIIEHHUS OCTAeTCA OJHUM U3 CaAMbIX
OTIACHBIX B MHUpPE. BeXEHIIb 1 MUTPaHTBI, BEIOMPAIOIINE CYXOIyTHbIE MapIIPyThl, HAUMHAIOIIUECS B
ctpanax Adpuku K rory ot Caxapsl, Ha K&KIOM 3Talle CBOETO MePEeMEIIeHUS TOIBEPTalOTCs YIpo3e
rubeny v TpyOBIX HApYIISHHH MTpaB YeloBeKa.

Bbpocatbcs B myTh 3 TyHuca qroAe# MacCOBO 3aCTaBIIsET UyBCTBO HE3AIIMIIEHHOCTH, LIapAIIee Cpean
OE’KEHIIeB ITOCIIe HIMICHTOB, CBA3aHHBIX C HAMAJICHUSIMH 1 HEHABUCTHHYECKUMH BBICKAa3bIBAHUSIMHU
Ha PacoBOH MOYBE, a TAKXKE CIy9assMH KOJJICKTUBHOM BRICHIIKY U3 JIuBuu n Aspkupa. Bee ato
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MPOMCXOAUT B YCIIOBUSX YXY/IIICHHS CUTYallUHU B IJIaHE 0€30MacHOCTH B IIEJIOM B psijie CTpaH,
cocecTByOIMX co ctpaHamu CeBepHOl AQPHUKH, YTO MPOBOLUPYET POCT CIy4aeB BTOPHYHON
MUTpalyH, B paMKax KOTOpoi B TyHHCe B HEIHEITHEM IOy 3aMETHO YBEINYHIIOCH YHCIIO JIHIL,
NPUOBIBAIOIINX CYXOIYTHBIM MTyTEM, a TAKXKE YHCIIO CIIy4aeB PErHCTPaIiH JIHI, HIIYIIUX yOeKuIa

Fragment 4:

English:

Madame President, we thank you for the resumption of the plenary meeting of the 10th emergency
special session of the General Assembly today. Ruthless devastation and atrocities in Gaza continue,
disregarding all calls and concerns of the International Community, including the United Nations
system. So many deaths and damages are unacceptable to any person of conscience. Bangladesh aligns
itself with the statements delivered on behalf of the OIC group and on behalf of the Non-Aligned
Movement. Madame President, despite adopting a number of resolutions in the 10th emergency special
session, we have been witnessing the continuation of one of the horrific massacres in the history of the
world. We need to immediately stop the aggression, killing, and all other illegal practices in the
occupied Palestinian territory by bringing an end to Israeli occupation and apartheid. Deplorably, after
7 October 2023, more than 44,000 Palestinians have been killed, and Gaza has been destroyed.
Unfortunately, Israeli aggression and genocide have been intensified in other parts of the occupied
(apr) Palestinian territory, the West Bank, and East Jerusalem, as well as in other countries in the
Middle East. The arrangement for a cessation of hostilities to bring an end to the Israeli aggression
against Lebanon is an encouraging development in this regard. We join others in calling for the full
implementation of resolution 1701 of 2006. Madame President, at this moment, the International
Community needs to take urgent, immediate action to end all hostilities and illegal occupation by
Israel. We commend the continuous efforts to take forward the discussion towards a peaceful solution
to the question of Palestine. In this regard, we welcome the launch of the Global Alliance for the
implementation of the two-state solution. We demand full membership of the State of Palestine in the
United Nations and call upon the UN Security Council to recommend the same without delay. We also
echo the call for the resolution issued by the recent extraordinary Arab Islamic Summit to mobilize
international support to suspend Israel's participation in the UN General Assembly. Madame President,
without ensuring accountability and without bringing the perpetrators to justice, peace cannot be fully
established. We recall the orders of provisional measures and advisory opinion of the International
Court of Justice and emphasize ensuring full respect to those orders and their full implementation by
immediately stopping the Israeli attack and by full withdrawal of Israeli forces from the occupied
Palestinian territory and other occupied Arab territories in the Middle East. We also refer to the
indictments by the International Criminal Court and call upon all member states to assist in its
implementation. Accountability must be ensured for the perpetrators of mass atrocity crimes. We also
welcome the decision to establish under the auspices of the United Nations the international
mechanism to assist the investigation and prosecution of persons responsible for the most serious
crimes under international law committed in the occupied Palestinian territory. Madame President,
Gaza has been demolished, and it could take 350 years for Gaza to rebuild if it remains under blockade.
In this destroyed territory, when many dead bodies are under the rubble and the remaining alive people
are in dire need of humanitarian assistance and desperately seeking any kind of help to save lives,
Israel has been using force, starvation, and forced displacement to continue their aggression against
innocent civilians. Regrettably, Israel has been killing and attacking even humanitarian personnel and
destroying their facilities. Furthermore, it has passed legislation to stop UNRWA's activities.

Russian:

I'-xa I[pencenarens, Mbl OnarogapuM Bac 3a BO30OHOBIIEHHE CETOIHSIIIHETO TNIEHAPHOTO 3aceqanus
10-i1 upe3BBIYAIHON criennanbHOM ceccun ['eHepanbHO# Accambiien. becriomaaaeie pazpyieHus u
OecumHcTBa B ['a3e nmpogomkarTcs, HITHOPUPYS BCE MPU3BIBBI M ONTACEHUS MEXTyHAPOTHOTO
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coo01ecTBa, BKItouas cucremy Opranuzaiun O0bennHeHHbIx Haruii. Takoe KoJauuecTBO MOTruOmmx
U pa3pyLICHUH HEPUEMIIEMO ISl JIF00O0T0 3APaBOMBICIIALIETO YenoBeKka. banrnanem npucoennHseTcs
K 3asIBJICHUSIM, CAeNaHHbIM OT uMeHu rpynnsl OUK u ot umenu J{BH>keHUs HEMPUCOEIUHEHUS.
I'ocnoxa [lpencenatens, HeCMOTpS Ha MPUHATHE pAaa pe3ontonnid Ha 10-i upe3BprdaitHON
CIENHUATBHON CECCHUU, MBI SIBISIEMCS CBUAETEISIMH NPOJODKEHNS OJJTHON U3 CaMBbIX Y>KaCHBIX MacCOBBIX
yOUHCTB B MUCTOPUU MHUPa. MBI TOJKHBI HEMEJUIEHHO MTPEKPATUTh arpeccuio, yOMICTBa U BCE IPyTHe
HE3aKOHHbIE JIEUCTBUS HA OKKYITUPOBAHHOM MaJIECTUHCKON TEPPUTOPHUH, TIOJIOKUB KOHEL U3PAUIIbCKOHN
OKKymanuu 1 anaprenny. K rimybokomy coxanenuto, nocie 7 oktsaops 2023 rona 6onee 44 000
najgecTuHIeB ObLTH YOUTHI, a ['a3a pa3pymiena. K HecuacTho, M3pamiibCKast arpeccusi U TEHOIIHT
YCHIIMIIACH U B IPYTHX YaCTAX OKKYMHUPOBAHHOH IMaJIECTHHCKOMN TePPUTOPHUH, Ha 3amaHoOM Oepery u B
Bocrounom Hepycanume, a Taxxe B Ipyrux crpanax bimkHero Bocroka. JloroBOpeHHOCTS 0O
MpeKpaleHny 00eBbIX ACHCTBHUI, TPU3BAHHAS MOJIOKUTH KOHEL H3PANIbCKOW arpeccuy MpOTHB
JIluBaHa, BcelsieT HaleX Ay B 3TOM OTHOLIECHUU. MBI IPUCOEUHSAEMCA K IPYTUM U IPU3BIBAEM K
MOJTHOMY BBITTONTHEHHIO pe3oitonnu 1701 ot 2006 roma. ['-xa [Ipencenarens, B JaHHBIH MOMEHT
MEXIYHApOJHOMY COOOIIECTBY HEOOXOAUMO MPUHSATH CPOUHBIE, HE3aMeUTUTENLHBIE MEPBI, YTOOBI
MOJIOKUTH KOHEL] BCEM BOCHHBIM JACHCTBUSAM U HE3aKOHHOM OKKyHaluu co cTopoHbl U3panms. Mbl
BBICOKO OLIEHHMBAEM IIOCTOSIHHBIE YCHIINSA 10 NPOABMKECHHUIO JUCKYCCHH B HAIIPABICHUU MUPHOIO
pemienus Bompoca o [lanectune. B 310l cBA3M MBI IpUBETCTBYEM co3faHue [ 106abHOrO anbsHCa 3a
peanu3annio AByXrocyJapcTBEHHOI0 pemeHust. Mbl TpedyeM moiHonpaBHoro uieHcTBa ['ocynapcrsa
ITanectuna B Oprannzanum O0neauHeHHBIX Haruit u mpuseiBaem CoBet bezonmacHoctn OOH
Oe30TaraTeNIbHO PEKOMEHI0BATh 3TO. MBI TakKe pa3/ieNnseM MPU3BIB K Pe30JIIOIUH, IPUHATOH Ha
He/aBHEM Ype3BbIYaifHOM apaOCKOM MCIaMCKOM CaMMUTE, MOOMIM30BaTh MEXIyHAPOIHYIO
MOJIICPKKY JUIS TPHOCTaHOBKH yuacTust M3pawns B ['enepansHoii Accambinee OOH. [N'ocrioka
[Ipencenarens, 6e3 oGecrieueHus MOOTIETHOCTH U MIPUBJICICHUS BUHOBHBIX K OTBETCTBEHHOCTH MUP
HE MOKET OBITh MOJTHOCTHIO yCTAaHOBJIEH. MBI HAIOMHUHAEM O TTOCTAHOBIICHHUSIX O BPEMEHHBIX MEpax 1
KOHCYJIBTATHBHOM 3aKJIFOYeHUH MEXIyHapOIHOTO Cya U IO J4epKUBaeM HEOOX0IMMOCTh
o0ecrniedeHust TIOTHOTO COOJTIO/ISHNSI TUX MTOCTAHOBIIEHUI M UX MTOJTHOTO BHITIOJHEHUS ITyTEM
HEMEJICHHOTO MpeKpaIleHus U3PanIbCKOro Hama eHUs U MOJIHOTO BBIBOJIA U3PAUIIBCKUX CHII C
OKKYTIMPOBAHHOH MaJCCTUHCKON TEPPUTOPUH U APYTUX OKKYIMHUPOBAHHBIX apaOCKUX TEPPUTOPHI Ha
bmmxaem BocToke. MBI Takoke cchiiiaeMcst Ha OOBUHHUTEIBHBIE 3aKITFOUeHUST MeKIyHapOIHOTO
YTOJIOBHOTO CyJla ¥ IPU3BIBAEM BCE TOCYIapCTBA-WICHBI COAEUCTBOBATH UX BBITIOJHEHHUIO.
Heo0xomumo obecnieunTs MpUBJICYEHNE K OTBETCTBEHHOCTH JIMII, BAHOBHBIX B COBEPLICHUH MACCOBBIX
3noAessHuil. Ml Takke NpUBETCTBYEM PELICHUE O CO3IaHUU oA Aruaoi Opranuzauuu
O6bpennaeHHbIX Harnmii MexXIyHapoTHOTO MEXaHU3Ma IS COJICHCTBUSI paccieOBaHUIO 1
IIpecieI0BaHMIO JIUL], OTBETCTBEHHBIX 3@ CaMble Cepbhe3HbIE MPECTYIUICHNS M0 MEXTyHAPOTHOMY
MpaBy, COBEPIICHHbIC HA OKKYITUPOBAHHOM NaniecTUHCKOU Tepputopun. Magam Ilpencenarens, ['aza
paspyIieHa, ¥ Ha e BOCCTaHOBJICHHE MOxkeT yiTH 350 eT, ecitu oHa ocTaHeTcs B Omokaze. Ha aToi
pa3pylIeHHON TEPPUTOPHH, KOT/Ia IO/ 00JIOMKAMH JIC)KUT MHOKECTBO MEPTBBIX TEJ, 8 OCTABIIHECS B
YKUBBIX JIFOJTU OCTPO HYKJAIOTCS B TyMaHUTAPHOM MOMOIIY U OTYASHHO UIIYT JFOOYIO TTOMOIIb IS
CIaceHus KHU3HH, V3paniib UCTIONB3yEeT CHITy, TOJIO/] M HACHIILCTBEHHOE TIepeMENIeHUe, YTOOBI
MIPOAOJIKATh CBOIO arpeCCHIO0 MPOTHUB HEBMHHBIX rpaxkaanckux null. K coxxanennro, V3pamnp yonuBaet
Y HamaJaeT Jake Ha COTPYJHHKOB T'yMaHUTAPHBIX OpPraHu3aldil U pa3pylaeT ux o0bekTel. Kpome
TOTr0, OH MPHHSI 3aKOH O TpeKpaleHun nestensHoctu bAIIOP.

Fragment 5:

English:

Muchas gracias, sefiora presidenta. Allow me to express our sincere thanks to you and your team for
your outstanding leadership in guiding this committee to a successful and early completion. We also
thank the Bureau and the Fifth Committee Secretariat for their support in our work. Additionally, we
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deeply appreciate the hard work of all colleagues, especially Uganda and our brothers and sisters from
the Group of Seventy-Seven and China.

Thanks to your efforts, this session has delivered many positive outcomes. Vietnam welcomes the
outcomes on the RC system, the resolution for the implementation of the Pact for the Future, the policy
guidance on strengthening the effectiveness of RPTC, and the Development Account. This session
holds special significance for Vietnam, as the scale assessment adopted by the committee marks the
highest increase in our membership history and represents one of the most significant percentage
increases for any country in the upcoming cycle. As an active and responsible member of the United
Nations, Vietnam reaffirms its commitment to shouldering the heightened responsibilities that
accompany our new assessment rate.

During this session, I had the honor of facilitating the adoption of the Pension Fund resolution, which
was successfully passed by consensus. | would like to take this opportunity to express my heartfelt
thanks to my colleagues, brothers, and sisters for your dedication and support.

Once again, thank you, Madame Chair, and I wish all colleagues a Merry Christmas and a Happy New
Year. Thank you.

Russian:

Bonbmioe cracu6o, rocnoska npe3uaeHT. [1o3BoapTe MHE BBIpa3uTh BaM M Ballleil KOMaH/Ie Hally
HCKPEHHIOI0 0J1arogapHOCTh 3a BBIAAIOLIEECs PyKOBOJACTBO, KOTOPOE MPHUBEJIO 3TOT KOMUTET K
YCIENTHOMY | CKOpelIeMy 3aBepuieHuio. Mbl Takke Onaromnapum bropo u Cexperapuat [Istoro
KOMHUTETA 32 UX MOJJICPKKY B Hamiel pabore. Kpome Toro, MpI TITyOOKO IIEHUM HAIPSDKEHHYIO paboTy
BCeX KOJUIET, 0cOOEHHO YTaHpl M HaIux OpaTheB U cectep U3 [ pynmbl cemuaecatu ceMu u Kutas.
Braronaps Bammm ycuiausiM 3Ta ceccusi PUHECIA MHOTO MOJIOKUTENBbHBIX PE3YIbTaTOB. BbeTHaM
MIPUBETCTBYET UTOTOBBIE TIOKYMEHTHI 1o cucteme KP, pesomtoruto no peanmsanuu [lakra Ha Oymymiee,
MOJMTUYECKOE PYKOBOACTBO MO NoBkilIieHUIO 3¢ dexruHOcTH PIITC (PerynspHoii mporpammbl
TEXHUYECKOTO COTpYyIHUYecTBa) U CueT pa3BuTHUs. DTa ceccusi UMeeT oco0oe 3HaueHue i1 BoeTHama,
IIOCKOJIBKY OLIEHKA I10 IIKaJe, MIPUHATAsT KOMUTETOM, SIBJIIETCS CAMbBIM BBICOKUM YBEJIMYEHUEM 3a BCIO
MCTOPHIO HAIIETO YWICHCTBA U MPEACTABISET COOOH OHO U3 CaMbIX 3HAUYUTEHHBIX MPOLIEHTHBIX
YBEJIMYCHHH JJIs1 JTF0O0# CTpaHbI B MMPEICTOSIIEM IUKIIC. By Tyun akTHBHBIM M OTBETCTBEHHBIM YJICHOM
Opraam3anun O0benuHeHHBIX Haruii, BbeTHaM moATBep»KaaeT CBOIO TOTOBHOCTE HECTH
MIOBBIIIIEHHYIO OTBETCTBEHHOCTbH, KOTOpasi COIMPOBOXKAAET HAIly HOBYIO CTaBKy B3HOca. B xoze sToi
CECCHU MHE BBITIaJia YeCTh COACHCTBOBATh NPUHATHIO pe3otonun 1o [lencnonnomy oIy, KOTOpast
ObLIa yCIeUTHO MPUHATA KOHCEHCYCOM. [101b3ysCch BO3MOXKHOCTBIO, sl XOTEN OBl BEIPA3UTh UCKPEHHIOO
OyarogapHOCTh CBOMM KOJIJIETaM, OpaTbsaM M CeCTpaMm 3a Bally MPEeJaHHOCTh U moanepxKy. Eme pa3
Onaronapio Bac, rocroxa [Ipencenatens, 1 jxenaro BceM KojuieraM cuactianBoro Poxxaecrsa u HoBoro
roga. Cnacu6o.

Fragment 6:

English:

I thank you, Mr. Chair, for giving me the floor. Ladies and gentlemen, distinguished delegates, as we
all know, the world drug problem is complicated and multifaceted, which needs a holistic and balanced
approach to address it. The Single Convention on Narcotic Drugs of 1961, as amended by the Protocol
of 1972, the Convention on Psychotropic Substances of 1971, the Convention of 1988 against illicit
trafficking in narcotic drugs and psychotropic substances, the Political Declaration of 2009, the 2016
UNGA outcome on the world drug problem, and the Ministerial Declaration of 2019 constitute the
cornerstone of our comprehensive work to counter the world drug problem. I take this opportunity to
reiterate Algeria's full commitment to these international drug control instruments as well as its full
support for the CND and INCB efforts to tackle the world drug problem. To efficiently face this
serious problem, Algeria has taken concrete measures. Last year, my country enacted a new law
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amending its domestic legislation against illicit trafficking in narcotic drugs and psychotropic
substances by introducing a national classification of narcotic drugs and psychotropic substances,
which will be in addition to the international schedule of controlled substances. This law aims to
counter the proliferation of drug trafficking in new forms, like medications diverted from their medical
use for addiction purposes among teenagers and young people, especially pregabalin and tramadol,
without prejudice to the right of availability and access to these controlled substances so that they can
relieve the pain of suffering people, in full accordance with international conventions that give state
parties the possibility to take measures to protect public health, national security, and welfare. On the
other side, the Algerian health authorities are working on the treatment and rehabilitation level by
encouraging addicted people to start detoxification treatment and exempting them from any criminal
prosecution under the condition of completing that detoxification treatment. We now have 48 medium
treatment centers and five big ones. In addition to these existing centers, within the President's
initiative of the pledge for action in this regard, Algeria has pledged to build four new modern, highly
equipped treatment centers. We have finished the first step of this center establishment by choosing
four cities to host them, with a view to adding a fifth one. Mr. Chair, Algeria reiterates its deep concern
about the legalization of recreational cannabis. Even though very few countries currently allow this
nonmedical and nonscientific use, the number of these countries may increase over the upcoming
years. Cannabis has proved to be addictive and dangerous, so we think that allowing the recreational
use of cannabis would be a dangerous step that would undoubtedly affect public health, welfare, and
even national public security. Everyone has the right to enjoy the highest attainable standard of
physical and mental health. To conclude, Algeria calls on UN member states and stakeholders to work
closely together to address and counter the world drug problem. Thank you, Mr. Chair.

Russian:

4 6naronapro Bac, r-H [Ipescenarens, 3a MpeaOCTaBICHHOE MHE CJIOBO. J[aMbI U rocmnoja, yBakaeMbie
JeNeraTsl, Kak BCEM HaM M3BECTHO, MUPOBasi IpoOieMa HAPKOTUKOB CII0KHA M MHOTOTPaHHa, YTO
TpeOyeT LIeJIOCTHOrO M cOaJaHCUPOBAHHOTO IOAX0/a K €€ pelleHH0. EnuHas KOHBEHIHS 0
HapKOTHYeCKHX cpeacTBax 1961 rona ¢ monpaBkamu, BHeceHHBIMU [IpoTokosiom 1972 rona,
Kongsennus o ncuxorponusix BemectBax 1971 rona, Konsenus 1988 rona o 6oprde mpoTus
HE3aKOHHOTO 000pOTa HAPKOTHYECKUX CPEICTB U IICUXOTPOIHBIX BellecTs, [lomuruueckas
nexnapamus 2009 roga, utoroserit jokymeHT ['A OOH 2016 roga mo MupoBoii mpobiieMe HapKOTHKOB
1 Munucrepckas nexiapaus 2019 roga sBigroTcsa KpacyroiabHbIM KaMHEM Hallled KOMIUIEKCHOM
paboThI IO NPOTUBOACHCTBUIO MUPOBOH IpoOsIeMe HAapKOTHKOB. [101b3ysICh 3TOM BO3MOKHOCTEIO, S
xoTes1 Obl HOATBEPAUTD IIOJIHYIO IPUBEPKEHHOCTh AJDKUPA 3TUM MEXIYHAPOIHBIM JOKYMEHTaM I10
KOHTPOJIIO Ha/l HAPKOTUKaMHU, a Takxke ero noiHyo noaaepxky ycuwnit HKJI 1 MKKH no pemenuto
MHUPOBOH MPOOJIeMbl HAPKOTUKOB. YTOOBI 3 (EKTUBHO MPOTHUBOCTOSNTH ITOM Cepbe3HOi npodieme,
AKUp IpUHAMAET KOHKPETHBIC MEPHI. B TTpoIiioM roy B Hamrel cTpane ObUT IPUHSAT HOBBIH 3aKOH,
BHOCSIIIMN M3MEHEHHS B HALIMOHAILHOE 3aKOHOIATENLCTBO 10 OOPHOE ¢ HE3aKOHHBIM 000pOTOM
HAapKOTHYECKHUX CPEJCTB U IICUXOTPOITHBIX BEIIECTB ITyTEM BBEJICHHS HAIMOHANBHON KIacCU(PHUKALIUU
HapKOTHYECKHUX CPEICTB U IICUXOTPOIHBIX BEIIECTB, KOTOpasi OyIeT JOMOIHATE MEXIyHAPOAHBIN
CIMCOK KOHTPOJINPYEMBIX BEIIECTB. DTOT 3aKOH HAIIPaBJIEH HAa IPOTHBOEHCTBHE PACIIPOCTPAHEHUIO
HApKOTOPTOBJIM B HOBBIX (DOpMax, TAKUX KaK JIeKapCTBEHHBIE MTperapaThl, OTBICKAEMbIC OT
MEIUIMHCKOTO UCIIOJIb30BaHMs B LIESIX HADKOMAHUK CPEAr TIOAPOCTKOB U MOJIOJIEKH, OCOOCHHO
nperabajiuH U Tpamanodi, 6e3 ymep6a A npaBa Ha HAINYKE U JOCTYI K 3TUM KOHTPOJIUPYEMbIM
BEIIECTBAaM, YTOOBI OHM MOTJIM OOJIETYHUTh OOJb CTPAIAIOIIMX JIFOCH, B TOTHOM COOTBETCTBUH C
MEXIyHapOJHBIMH KOHBEHIMSIMH, KOTOPBIE MPEAOCTABIIAIOT TOCYJapCTBaM-y4aCTHUKAM BO3MOKHOCTh
MIPUHUMAThH MEPHI 110 3aLIUTE OOIECTBEHHOTO 310POBbsl, HALIMOHAIBHON 0€30I1aCHOCTH 1
6narococrostaus. C Apyroil CTOPOHBI, ATPKUPCKUE OpraHbl 37paBOOXpaHeHHs paboTaroT HaJl IeYeHUEM
U peabunuranreil, oomwpss HapKO3aBUCUMBIX JIIOJIei HauaTh JETOKCUKAMOHHOE JICYEHUE U
0cBOOO’KAAsA UX OT YTOJIOBHOTO IIPECIICIOBAHMS [IPU YCIOBUH 3aBEPILICHHUS AETOKCUKALIIOHHOTO
nedeHus. B HacTosmee BpeMs y Hac ecTh 48 CpeHUX U MATh KPYIHBIX JIe9eOHBIX IEHTPOB. B
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JIOTIOJTHEHHUE K 3TUM CYIIIECTBYIOIIUM IIEHTPaM, B paMKaXx MPe3uIeHTCKON HHUIIMATHUBHI 110 TIPUHATHIO
00513aTEeNBCTB B 3TOM 0011aCTH, AJDKUP 00513aJ1Cs IOCTPOUTH YETHIPE HOBBIX COBPEMEHHBIX, XOPOLIO
000pYIOBaHHBIX JIEYEOHBIX LIEHTPa. MBI 3aBEpIIMIIM NEPBbIM 3TAll CO3AaHUS STHX LIEHTPOB, BEIOpaB
YeThIpe ropoia sl UX pa3MelICHuUs U TUIaHUpys 100aBuTh rsaThid. [-H [Ipencenarens, Alkup BHOBb
BBIpaXkaeT ITy0OKyI0 03a004eHHOCTb IO MOBOAY JIETAIN3AH KaHHA0NCa B peKpealliOHHbBIX IeTsX.
HecMmotps Ha TO, 4TO B HAacTOsIIEE BPEMSI OUEHb HEMHOTHE CTPaHbl pa3peIaroT 3TO HEMEIUIIMHCKOE U
HEHay4YHOE yrnoTpebienne, B OImKalIe roJpl YUCI0 TaKUX CTPaH MOXET yBennduThes. Kannabuc
JI0Ka3aJl, 4TO BBI3bIBAET MPUBBIKAHUE U OMIACEH, TOITOMY MbI CUUTAEM, YTO pa3peleHue
PEKpPEaIOHHOTO UCIIOIb30BaHMs KaHHaOMca ObUIO OBl ONIACHBIM IIArOM, KOTOPBI, HECOMHEHHO,
TIOBJIUSIET Ha 3J0POBKE, OJIarOCOCTOSHAC U JaKe HAITMOHAIBHYIO OOIIECTBEHHYIO 0€30TIaCHOCTD.
Kaxnip1ii 4enoBek MMeeT MpaBo Ha HAWBBICIINN TOCTHKUMBIH YPOBEHb (PU3UUECKOTO U IICUXUIECKOTO
310poBbs. B 3akimroduenne Amxup npussiBaeT rocyaapcrsa-aieHsl OOH u 3anHTEpecoBaHHbBIE
CTOPOHBI K TECHOMY COTPYIHHYECTBY [UISl PEIICHHUs U IPOTUBOJACHCTBHIS MUPOBOH podiieme
HapkoTukoB. Criacubo, rocrionus [Ipencenarens.
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Appendix C
Informed Consent Form

Participant’s nickname:

Title of study
Al vs Human Simultaneous Interpreting: Quality Assessment

Principal investigator
Kristina Vesselskaya
87719754686
k_vesselskaya@kazguu.kz

Purpose of study

The purpose of the research is s to evaluate and analyze the quality of simultaneous
interpreting produced by artificial intelligence in comparison to the traditional human
interpreting. It is aimed at examining the outputs and revealing inaccuracies, limitations and
common error patterns of machine simultaneous interpreting.

Data collection procedure

After signing this consent form you will be provided with the link to the Google Drive folder.
The folder contains six original audio fragments of different speeches. Each original audio
fragment has two versions of simultaneous interpreting. The first is performed by a
professional conference interpreter while the second version is provided by artificial
intelligence. You will be asked to carefully listen to both versions of the provided
simultaneous interpretations of each original fragment and to assess the results. To evaluate
quality of the interpretations you will need to use the assessment scale uploaded in the same
folder. For your convivence, you will receive the printed assessment scales and fill it out by
hand. Alternatively, you might download the assessment scale from the folder and fill it out in
digital format. Following the provided criteria descriptions in the assessment scale, you will
need to grade the interpretations. When listening to and evaluating the audio fragments, you
are also asked to take necessary notes in the separate column of the provided scale. These
notes may include identified strengths, mistakes, or inaccuracies, and your general feedback.
The whole assessment process might take up to 40-60 minutes of your time. At least one week
will be provided to you to finalize the assessment process. You might contact the principal
investigator at any time and ask for additional clarifications. The filled assessment scales will
either be collected in person or sent via e-mail.

Confidentiality
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You can be assured that your name and other personal information will remain confidential.
There are no known risks if you decide to participate in this research study, nor are there any
costs for participating in the study. Your collected assessments will not be additionally
evaluated or judged by the principal investigator or any other party. All the responses you give
will be kept strictly confidential. The information you provide will be used anonymously for
internal publication for Kristina Vesselskaya’s MA thesis and might be submitted for
publishing in academic journals and conferences. If you have any comments or concerns about
the ethics or procedures involved in this study, you can contact research supervisor, Olga
Bainova, at the e-mail address o_bainova@kazguu.kz or Research and Ethics Committee of
the School of Liberal Arts at the e-mail address rec_sla@kazguu.kz

Voluntary participation

Your participation in the assessment procedure is voluntary. It is entirely up to you whether or
not to participate in this study. If you choose to participate, you will need to sign this informed
consent form. After signing, you may withdraw at any moment and without explanation.
Withdrawing from this study will have no effect on your relationship with the principal
investigator, if you have one. If you withdraw before the data collection is finished, your
assessment will either be returned to you or disposed.

Consent

I have read and understand the provided information and have had the opportunity to ask
questions. I understand that my participation is voluntary and that I am free to withdraw at any
time, without giving a reason. I understand that I will be given a copy of this consent form. I
voluntarily agree to take part in this study.

Participant's signature Date

Researcher’s signature Date
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Appendix D
Example of Filled Assessment Scale

Human Interpreting

Criteria Band score with description Comments / Feedback
(Please, read carefully and mark the most appropriate score based on the criteria (Please, indicate the
descriptions) identified mistakes,
inaccuracies, general
impression both positive and
negative or any other notes
emerged during the
assessment)
Content-related criteria
Consistency 4 3 2 1 OCHOBHOM 1OCBLIT
with the The message in The message in The message in the | The message in OpHIMHAJIA TOJTHOCTBIO
original the interpretation the interpretation interpretation is the interpretation COXpaHEeH B [IEPEBOJIE.
is the same as in is similar to the slightly different is inconsistent
the original original speech. from the original with the original
speech. Accurate The main ideas are | speech. Not all the | speech. Few main
rendition of all the | conveyed, though main ideas are ideas are
main ideas and minor details are conveyed and preserved and the
details. No missed. There significant number | most of the details
unjustified might be slight of details are are missed. There
additions, unnecessary missed. There are are numerous
omissions or additions, notable unjustified and
substitutions. omissions or unnecessary unnecessary
substitutions. additions, additions,
omissions or omissions or
substitutions. substitutions.
Logical 4 3 2 1 HECMOTPS Ha BBICOKYIO
cohesion Excellent The interpretation | Adequate Low coherence CKOPOCTH M CIIBIIIUMBIE
coherence and is coherent and coherence and and cohesion of 3aTpyIHEHHS A
cohesion of the cohesive, though cohesion of the the interpretation MEePeBOAYMKA,
interpretation. No insignificant interpretation, but due to significant SPEED CHALLENGES
misleading or deviations that the overall logicis | deviations that €My yAaJ0Ch COXPaHUTb
redundant might affect the affected due to compromise the JIOTUYECKH BEPHO
elements that overall logic are some misleading overall logic. MIOCTPOCHHYIO CTPYKTYpY,
might affect the present. or redundant GJiaroapst KCIOIb3yEMbIM
overall logic. elements. CTpaTerusiM epeBoa
(reHepanu3anus,
COKPAILCHHUS, KOMIIPECCHUST)
OPTIMIZATION
TECHNIQUES
Completeness 4 3 2 1 MIPOIYLIEHBI apy AeTajel B
The original Substantial About a half of the | Small portion of Hayale, Korja CruKep
content is amount of original | original content is the original W3BUHSIACH 32 JUIUHY
conveyed in full content is effectively content is CBOETO JOKJIajaa.
volume. Accurate conveyed, conveyed. Some conveyed.
rendition of all the | including the most | numbers, names, Frequent WORSE COMPLETENESS
numbers, names, important titles, etc. are omissions of both IN HUMAN OUTPUTS
titles, as well as numbers, names, omitted. Most major and minor
minor details. titles, etc., though minor details are information.
minor details are missed.
omitted.
Form-related criteria
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Terminology 4 3 2 1 Hcnonp3oBanuch
Highly accurate Quite precise Contextually Specialized a00peBHATYPBI U AKPOHUMBI
interpretation of interpretation of appropriate terminology is BMECTO ITOJIHBIX
the specialized the specialized interpretation of interpreted pacumppoBOK TEPMHUHOB
terminology, terminology. the specialized incorrectly. There | At 5)KOHOMHH BpeMEHHU —
subject matter Equivalence terminology, but is no equivalence YTO OYEHb XOPOILO.
nuances and between source the equivalence between source OPTIMIZATION
subtleties while and target between the source | and target TECHNIQUES
ensuring language terms is and target language terms IpaBHIbHBIC IEPEBOIB
consistent overall preserved, language terms is and subject matter | TepMHHOIOIHI
equivalence yet some subject low. Subject matter | nuances and (JANII=UTI"UJI, IKTK —
between source matter nuances nuances and subtleties are CTED).
and target and subtleties subtleties are disregarded. Kpatko nepesen
language terms. might be largely overlooked. «OECTIUIIOTHHK)» BMECTO
unaddressed. «OecnmIoTHbBIE
ABUAIMOHHbIE CHCTEMBD)
JUIsL ONTUMU3AIIN BPEMEHH.
OPTIMIZATION
TECHNIQUES
Grammar 4 3 2 1 C rpaMMaTH4YeCKON TOUKH
Interpretation is Interpretation is Interpretation is Interpretation 3pEHHST BCE TIPEIOKEHHS
grammatically overall acceptable, but contains critical MIOCTPOCHBI BEPHO, 3By4aT
correct. All the grammatically contains markable | grammatical HaTypaJIbHO, XOTb U OBLIN
sentences are correct and all the | grammatical errors and OYeHb JUTHHHbIC
complete and sentences are inaccuracies or incomplete NIPEUIOKCHHUS B IEPEBOJIC.
clear. Target complete. Minor incomplete sentences. B03MOXHO CTOHIIO UX
language grammar | inaccuracies or sentences. Some Interpretation pa30uTh Ha HECKOJIBKO
structure sounds slightly unnatural source language contains a lot of 0oJiee KOPOTKHX, HO
natural. target language grammar structures | source language YUHTBIBAsI CKOPOCTB PEUH,
grammar structure | are preserved in grammar patterns | IEpeBOX BCE PABHO
are possible. the target language | which sound BBINIOJTHEH TPAMMATUYECKU
and sound unnatural in target | IpaBHIBHO.
unnatural. language. NATURAL DELIVERY
LONG SENTENCES,
NEED FOR SALAMI
TECHNIQUE
Style 4 3 2 1
The register is The register is The register does Inappropriate
fully appropriate appropriate and not fully register and a
to the context. All overall correspond to the great number of
the expressions corresponds to the | context. unnatural and
sound completely setting, but few Significant number | unidiomatic
natural, idiomatic expressions might | of expressions expressions result
and stylistically sound slightly less | sound unnatural, in a serious
relevant. idiomatic, natural unidiomatic, mismatch between
or stylistically resulting in the source and
consistent. stylistic errors. target language
styles.
Delivery-related criteria
Fluency of 4 3 2 1 Bruta 3anonHeHHas naysa.
delivery Fluent pace of Overall fluent Acceptable pace of | Slow pace of IIpornotuin cioBo
delivery with pace of delivery delivery, but delivery. Unclear «IICLICHTPATN30BaHHBIN.
seamless diction with a few cases diction and diction and WHorna caumkom
and articulation. of slightly unclear | articulation leave articulation TOPOIHUTCS, YTOOBI YCIIETh
No distinct time diction or some room for throughout the 3a CIIMKepOM, a HHOT/A
lags or (un)filled articulation. improvement. interpretation. HA00O0POT 3aMeIACTCS U
pauses. Minimal or no Markable Notable time lags, | 3amereH 3TOT mepexon.
(un)filled pauses. (un)filled pauses FILLED PAUSES
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Acceptable time and time lag prolonged
lag. disrupt the flow. (un)filled pauses. ARTICULATION ISSUES
UNSMOOTH PACE
Intonation 4 3 2 1
Very confident Overall confident Little voice Unconfident and
and persuasive and persuasive confidence with monotonous
voice. Highly voice. There are notable signs of voice. Limited or
appropriate use of | slight inaccuracies | hesitation. Key inappropriate use
stress to in appropriate points are stressed | of stress to
emphasize stress of the key inconsistently or emphasize key
important points. points or minor inappropriately. points. Rhythm is
Steady rhythm rhythm Rhythm is irregular, with
throughout the intermittency. somewhat steady, frequent
interpretation. but with occasional | disruptions in
disruptions. flow.
Native accent 4 3 2 1
Flawless native- Opverall native-like | Generally Non-native accent
like pronunciation. | pronunciation with | understandable significantly
No signs of a a very subtle sign pronunciation, but deviating from the
foreign accent. of a foreign foreign accent is target language
accent. obvious. pronunciation
norms.
Machine Interpreting
Criteria Band score with description Comments / Feedback
(Please, read carefully and mark the most appropriate score based on the criteria (Please, indicate the
descriptions) identified mistakes,
inaccuracies, general
impression both positive and
negative or any other notes
emerged during the
assessment)
Content-related criteria
Consistency 4 3 2 1 All details preserved despite
with the The message in The message in The message in the | The message in high speed of delivery
original the interpretation the interpretation interpretation is the interpretation unlike in human
is the same as in is similar to the slightly different is inconsistent interpretation
the original original speech. from the original with the original AT HANDLED SPEED
speech. Accurate The main ideas are | speech. Not all the | speech. Few main | BETTER
rendition of all the | conveyed, though main ideas are ideas are
main ideas and minor details are conveyed and preserved and the
details. No missed. There significant number | most of the details
unjustified might be slight of details are are missed. There
additions, unnecessary missed. There are are numerous
omissions or additions, notable unjustified and
substitutions. omissions or unnecessary unnecessary
substitutions. additions, additions,
omissions or omissions or
substitutions. substitutions.
Logical 4 3 2 1
cohesion Excellent The interpretation | Adequate Low coherence

coherence and
cohesion of the
interpretation. No
misleading or
redundant

is coherent and
cohesive, though
insignificant
deviations that
might affect the

coherence and
cohesion of the
interpretation, but
the overall logic is
affected due to

and cohesion of
the interpretation
due to significant
deviations that
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elements that

overall logic are

some misleading

compromise the

might affect the present. or redundant overall logic.
overall logic. elements.

Completeness 4 3 2 1 WU nownsin, uro CTED
The original Substantial About a half of the | Small portion of (JAKTK) 6511 pacmmbpoBan
content is amount of original | original content is the original CIMKEPOM H HE CTall
conveyed in full content is effectively content is HepEeBOAUTE a00OpEeBHATYpY,
volume. Accurate conveyed, conveyed. Some conveyed. YTO TOXKE B LICJIOM
rendition of all the | including the most | numbers, names, Frequent MPaBHJIBHO U HEJb3S
numbers, names, important titles, etc. are omissions of both Ha3BaTh 3HAYMTEIILHBIM
titles, as well as numbers, names, omitted. Most major and minor MIPOIYCKOM.
minor details. titles, etc., though minor details are information. MINOR INACCURACY

minor details are missed.
omitted.
Form-related criteria

Terminology 4 3 2 1 Bwmecro UT'JI ocraBun
Highly accurate Quite precise Contextually Specialized Tpancaurepanuio JJTANIII,
interpretation of interpretation of appropriate terminology is YTO TOXKE MPABUIILHO.
the specialized the specialized interpretation of interpreted TlepeBoann Ha3BaHKE
terminology, terminology. the specialized incorrectly. There | KOMHTETOB paBUIIBHO, HE
subject matter Equivalence terminology, but is no equivalence HCIIOJIB3YSI COKPALICHHUS IS
nuances and between source the equivalence between source ONTHMHU3ALUY BPEMEHH, KaK
subtleties while and target between the source | and target YEJIOBEK.
ensuring language terms is and target language terms NO COGNITIVE
consistent overall preserved, language terms is and subject matter | CONSTRAINTS
equivalence yet some subject low. Subject matter | nuances and
between source matter nuances nuances and subtleties are HUMAN FACTOR
and target and subtleties subtleties are disregarded.
language terms. might be largely overlooked.

unaddressed.

Grammar 4 3 2 1 Bce npeanoxenus u
Interpretation is Interpretation is Interpretation is Interpretation rpaMMaTHYECKHE
grammatically overall acceptable, but contains critical CTPYKTYpPbI TOCTPOCHEI
correct. All the grammatically contains markable | grammatical MaKCHUMaJIbHO TIPaBUIIBHO
sentences are correct and all the | grammatical errors and 3ByYaT €CTECTBEHHO.
complete and sentences are inaccuracies or incomplete NATURAL
clear. Target complete. Minor incomplete sentences. GRAMMATICAL
language grammar | inaccuracies or sentences. Some Interpretation CONSTRUCTIONS
structure sounds slightly unnatural source language contains a lot of
natural. target language grammar structures | source language

grammar structure are preserved in grammar patterns
are possible. the target language | which sound
and sound unnatural in target
unnatural. language.

Style 4 3 2 1
The register is The register is The register does Inappropriate
fully appropriate appropriate and not fully register and a
to the context. All | overall correspond to the great number of
the expressions corresponds to the | context. unnatural and
sound completely setting, but few Significant number | unidiomatic
natural, idiomatic expressions might | of expressions expressions result
and stylistically sound slightly less | sound unnatural, in a serious
relevant. idiomatic, natural unidiomatic, mismatch between

or stylistically resulting in the source and
consistent. stylistic errors. target language
styles.
Delivery-related criteria

Fluency of 4 3 2 1 Robotic and unnatural voice

delivery Fluent pace of Overall fluent Acceptable pace of | Slow pace of of delivery.
delivery with pace of delivery delivery, but delivery. Unclear NATURALNESS ISSUES

seamless diction

with a few cases

diction and

diction and
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and articulation. of slightly unclear | articulation leave articulation
No distinct time diction or some room for throughout the
lags or (un)filled articulation. improvement. interpretation.
pauses. Minimal or no Markable Notable time lags,
(un)filled pauses. (un)filled pauses prolonged
Acceptable time and time lag (un)filled pauses.
lag. disrupt the flow.
Intonation 4 3 2 1 OdeHb XopouIasi HHTOHAIHS
Very confident Overall confident Little voice Unconfident and U PUTM IIepeBoOfa, B
and persuasive and persuasive confidence with monotonous OTJIMYMH OT YENIOBeKa, IIe

voice. Highly
appropriate use of
stress to

voice. There are
slight inaccuracies
in appropriate

notable signs of
hesitation. Key
points are stressed

voice. Limited or
inappropriate use
of stress to

ObUTH KOPOTKHUE May3bl U
NEPEMEHYMBAsA CKOPOCTh
oJAa4u, HE «IIPOryaTbiBa»

emphasize stress of the key inconsistently or emphasize key TaK KaKk MeCTaMy He

important points. points or minor inappropriately. points. Rhythm is ycnesan. UU B otauumu ot

Steady rhythm rhythm Rhythm is irregular, with YEJIOBEKA HE UCIIBITHIBAI

throughout the intermittency. somewhat steady, frequent mpo0IeM CO CKOPOCTBIO U

interpretation. but with occasional | disruptions in HE ONTHMHU3UPOBAI

disruptions. flow. CTPYKTYPBIL, YTOOBI YCIIETh
BCE IPOTOBOPHTb.
BETTER ARTICULATION
NO COGNITIVE
CONSTRAINTS
NO OPTIMIZATION
NEEDED
HANDLED SPEED
BETTER
Native accent 4 3 2 1
Flawless native- Overall native-like | Generally Non-native accent
like pronunciation. | pronunciation with | understandable significantly

No signs of a
foreign accent.

a very subtle sign
of a foreign
accent.

pronunciation, but
foreign accent is
obvious.

deviating from the
target language
pronunciation
norms.




FILLED PAUSES

COMPLETENESS ISSUES

NO COGNITIVE
CONSTRAINTS

MINDR INACCURACY

CONTEXT
RECOGNITION

IDHMATICITY

NO DFTIMIZATIONS
AMD STRATEGIES

RHYTHM
INTERMITTENCY

Appendix E

Screenshot from Canva Board with Thematic Analysis

TERMINOLOGICAL
INNACURACY

UNSMOOTH PACE

HANDLED SPEED
BETTER

PAUSES
FILLERS

DISTORTED MEAMING

ILLOGICAL
CONSTRUCTION

OPTIMIZATIONS DUE
TO SPEED

NATURALNESS ISSUES

LOGICAL DESRUPTIONS

MO FERSONALITY IN
WOICE

BETTER
COMPLETENESS

OPTIMIZATIONS DUE
TO SPEED

LOMNG SENTENCES

WROMG STRESS

UNNATURAL VOICE

FILLED PAUSES

OPTIMIZATICON
TECHMIQUES

HANDLED SPEED

BETTER

SKIFPED INFORMATION

COGNITIVE LIMITS

MECHANICAL VOICE

NO WORD STRESS

WORSE DELIVERY

REDUNDAMCY

WRONG
SEGMENTATION

NO COGMITIVE
COMNSTRAINTS

WRONG ARTICULATION

CASCADE ISSUES

ARTICULATICN ISSUES

NOT SMOOTH
TRAMNSITIOMN

WO EMOTIONS

DISTORTED LOGICAL
FLOW

NC CPTIMIZATICN
MEEDED

UNSMO-OTH PACE

OPTIMIZATION
TECHMIQUES

SPEED CHALLENGES

MNUMBERS
MISINTERPRETATION

WORSE ARTHCULATION

LOMG SEMTENCES,

CONTEXT
RECOGNITION
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